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EXECUTIVE SUMMARY

By many measures, the Dominican Republic experienced a stellar economic performance since the 
early 2000s. In particular, its gross domestic product (GDP) per capita grew almost 90 percent between 2000 
and 2018, catching up and then surpassing the average for the Latin America and the Caribbean region. This 
was accompanied by strong improvements in employment and poverty reduction: total employment as a share of 
the working age population grew by more than 6 percentage points, while the fraction of individuals living with 
less than US$3.2 per day fell from 12.9 to 2.6 percentage points, or roughly on a par with the poverty reduction 
experience in the rest of Latin America. These favorable developments also exhibited greater inclusiveness, as 
women’s labor force participation and employment rates increased by about 13 percentage points, narrowing 
the gap with men.

Upon closer inspection, however, progress has been slower than the aggregate indicators suggest. 
For example, even though labor productivity increased dramatically since the early 2000s, real wages have been 
stagnant. At the same time, the share of workers without social security rights remains stubbornly high, on 
par with other Latin American countries. In other words, while the Dominican Republic’s aggregate economic 
performance was one of the best in the region, it has not resulted in better jobs. The fact that economic growth 
did not fully translate into higher job quality may help explain why the country’s poverty indicators only declined 
at the same average pace as other countries in Latin America and the Caribbean, even though its per capita 
GDP grew almost twice as fast as the regional average. 

This Jobs Diagnostic argues that the main labor market challenge facing the Dominican Republic is 
how to increase the quality of jobs in a sustained manner. Meeting this challenge is important both for 
achieving greater poverty reduction and shared prosperity in the medium term, as well as for rendering jobs 
less vulnerable to the risks posed by longer‑term automation and globalization trends. This report presents new 
findings on the main bottlenecks that are hindering the creation of better jobs in the Dominican Republic and 
outlines the elements of a jobs strategy that can help remove them. 

PREFATORY NOTE ON COVID-19

While the bulk of this report was completed before the COVID‑19 crisis unfolded, most of its analytical 
insights remain relevant for the post‑crisis period. As in other countries, the early projections of the impact 
of the crisis on employment and poverty outcomes are worrisome (see Box E.1). In addition to the unprecedented 
demand shock, several aspects of this crisis, such as lockdowns and social distancing policies, also pose major 
challenges to the normal functioning of the labor market. This report does not seek to dwell on the COVID‑
19 crisis. Rather, its main goal is to analyze various structural issues that impede a better functioning of the 
Dominican labor market, in the belief that these issues are likely to remain important even after the crisis has 
passed. Nevertheless, it bears mentioning that the crisis has drawn added attention to an important labor market 
feature that is emphasized in this report, namely the prevalence of ‘jobs of the future’ versus ‘jobs of the past’ 
(see Box 4). The experience in the Dominican Republic, as well as other countries, indicates that workers with 
jobs more amenable to working from home, and hence less vulnerable to job extinction by COVID‑19, tend to 
be more educated, urban, and richer and more likely to be engaged in ‘jobs of the future’. In contrast, those 
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with more physically intensive jobs and who do not use information and communication technologies—two 
hallmarks of ‘jobs of the past’—are more vulnerable to both infection risks and job extinction. In this context, 
we hope that the report’s analysis of barriers to the creation of better jobs in the Dominican Republic may also 
provide some useful insights to policy makers dealing with the COVID‑19 crisis.

BOX E.1. THE PROJECTED IMPACT OF THE COVID-19 CRISIS IN THE DOMINICAN REPUBLIC

According to World Bank estimates, the unmitigated impact of the COVID‑19 crisis on poverty in the 
Dominican Republic ranges between 15.0 and 19.5 percentage points, or between 1.5 and 2.0 million 
of people falling into poverty, depending on the duration of the suspension in economic activity. Using 
a 2012 input‑output table and the 2019 labor force survey (Encuesta Nacional Continua de Fuerza de 
Trabajo—ENCFT) to simulate demand shocks for tourism and construction in a scenario that closely replicates 
recent unemployment dynamics, the gains in poverty reduction in the last 10 years would be reversed. 
Impacts on employment would range from 1.0 to 1.5 million jobs lost, with unemployment increasing 
to 27–35 percent, from 6.2 percent pre‑COVID. The two main mitigation measures simulated—increase 
in the CCT transfer and coverage expansion and wage subsidies for formal employees—would be barely 
enough to avoid increases in poverty only in the most optimistic scenario. The ‘Stay Home’ cash transfer 
combined with the FASE (Fondo de Asistencia Social al Empleado) program are expected to reduce the 
size of poverty increases as a result of the crisis by 8 percentage points, equivalent to preventing about 
800,000 people from falling into poverty.

Source: World Bank’s Development Policy Operation design (P174145), 2020.

DETERIORATING JOB QUALITY IN THE DOMINICAN REPUBLIC

Improving the quality of jobs is a more imperative challenge for the Dominican Republic than 
increasing the quantity of jobs. The Dominican economy has performed quite well in terms of the number 
of new jobs generated over the last two decades. During 2000–2018, annual employment growth of the 
working age population averaged 2.08 percent, or more than enough to absorb the country’s growing labor 
force, which expanded at 1.99 percent. Where the economy’s performance has been less successful is in regard 
to the generation of high‑quality jobs, as measured along the following dimensions: (a) the level and growth of 
labor remuneration; (b) sectoral affiliation (whether employment growth is taking place in the better‑capitalized, 
productive modern sector such as manufacturing or in a less productive, unskilled‑labor intensive sector such 
as traditional agriculture); (c) remuneration arrangements (whether a job is wage based rather than based on 
self‑employment or unpaid family arrangements); and (d) job formality (whether the job offers social security 
or unemployment insurance). In regard to the last two dimensions, it is notable that the share of wage‑based 
employment is the same today as it was in 1995, while the share of workers affiliated with the social security 
office has barely budged over the last decade, even though total GDP per capita more than doubled over the 
last 25 years.

Concerns about deteriorating job quality have also emerged from a sectoral perspective, as total 
employment is increasingly concentrated in the services sector, whose labor productivity is rapidly 
declining. The Dominican Republic is well advanced in the structural transition away from agriculture that 
characterizes most countries on the path of development. Unfortunately, a similar transition is also occurring in 
the industry sector, which is losing employment share. Since the agriculture and industry sectors are not adding 
any workers, all the additional employment is taking place in services, where productivity growth is rapidly 
decelerating. In mid‑1995, the services sector displayed a similar productivity of labor as the industry sector. 
Since then, productivity growth in the services sector has basically stagnated and now risks being overtaken by 
the agriculture sector, which traditionally is the least productive of the major sectors. Meanwhile, the industry 
sector has seen a tripling of its labor productivity since the mid‑1990s but has failed to expand employment. As 
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discussed later, this deterioration in job quality based on sector composition could either be reflecting market 
failures in the form of barriers to entry into the more productive sectors (industry) or the onset of capital‑biased 
technical change.

The most notable manifestation of declining average job quality in the Dominican Republic is the 
stagnation of real wage growth since 2000 and its apparent disconnect to labor productivity growth. 
While labor productivity growth has been strong over this period and represents the main impulse driving the 
country’s rapid GDP growth, wage growth has been comparatively weak. (Between 2000 and 2016, labor 
productivity grew at an average annual rate of 2.8 percent, while the median wage grew at only an average rate 
of 0.6 percent.) Identifying the causes of this wage‑productivity divergence is needed to explain the conundrum 
of rapid growth with limited poverty reduction that has characterized the Dominican economy over the last two 
decades. An understanding of these causes is also critical for identifying corrective measures to improve job 
quality by removing the barriers to faster wage growth. 

WHAT EXPLAINS THE WAGE-PRODUCTIVITY DISCONNECT IN THE DOMINICAN REPUBLIC?

The Dominican Republic is not alone in experiencing a wage‑productivity disconnect, which has 
also been observed in many other countries. This observed disconnect does not mean that both variables 
are delinked, however, as most studies show that real wage growth and productivity growth are significantly 
correlated, just not necessarily in a one‑to‑one manner. This suggests that the wage‑productivity gap is not 
due to a structural failure that prevents productivity growth from translating into wage growth for the average 
worker. Rather, it is that other factors or bottlenecks are suppressing workers’ incomes, even as productivity 
growth acts to increase them. 

This Jobs Diagnostic identifies five factors that have plausibly contributed to the suppression of real 
wage growth during the last two decades—two associated with the supply of labor and three affecting 
the demand for labor. On the supply side, the factors are a protracted increase in labor force participation 
rates and the existence of gender discrimination in connection with a growing labor market participation of 
women. On the labor demand side, the factors likely to have contributed to this divergence are the lagging 
adjustment of minimum wages, market concentration and anti‑competitive behavior in various economic sectors, 
and factor‑biased technological growth. While one of these wage‑suppressing factors (namely, rising labor for 
participation) represents a natural condition reflecting demographic or relative price incentives, the other four 
factors can be traced to market or policy failures that impair the functioning of the labor market, resulting in 
suboptimal outcomes. As noted below, measures to correct these market or policy failures would lead to better 
labor market outcomes while improving job quality.1

MAIN FINDINGS AND ASSOCIATED POLICY IMPLICATIONS 

Building human capital

The quantity and quality of education is a crucial bottleneck to job creation. The Dominican Republic 
lags other countries by several measures in terms of educational achievement and learning. When comparing 
the expected years of education of the future labor force, the Dominican Republic has the lowest level among 
comparator countries. That level is about 88 percent that of Chile. When adjusting for the quality of education, 

1 The Jobs Diagnostic also analyzed a number of additional supply‑ and demand‑side variables, but these were discarded as plausible 
explanations of the sluggish wage growth observed since 2000 because they either hardly changed during the period in question or 
because they changed in a manner that contradicts the hypothesized behavior on the basis of market‑oriented economic reasoning. 
These potential factors included lagging education attainment levels, rising market informality, declining unionization, increased 
immigration, expanding globalization, and rising non‑wage labor costs.
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the gap becomes even larger. The learning‑adjusted expected years of education for the Dominican Republic 
represent 66 percent of the corresponding value for Chile. 

These gaps in the quality of education start early in the life cycle. According to the Dominican Republic’s 
national standardized test, just 12 percent of children in third grade achieved satisfactory levels in Spanish and 27 
percent in mathematics in 2017. Accordingly, when compared to other Latin American countries that participate 
in the Programme for International Student Assessment (PISA), the Dominican Republic has the lowest scores 
for reading and also for mathematics and science among 15‑year‑olds. Moreover, these levels worsened since 
2015, as the average reading test scores for the Dominican Republic declined in 2018. 

The lack of an adequate educational system in the Dominican Republic is also evident when analyzing 
the type of tasks that workers carry out at work. This report uses a methodology to rank occupations by 
their skill content and categorizes them by their amenability to being substitutes or complements with new 
technologies. For example, jobs intensive in non‑routine analytical and interpersonal skills are more likely to 
benefit from technology adoption. In contrast, those in routine occupations are more likely to lose, since those 
jobs are more likely to disappear with technological change. Jobs in the Dominican Republic are not intensive in 
the skills of the future, even when compared to other countries at the same level of development. In contrast, 
jobs in the Dominican Republic are disproportionately intensive in routine skills. Workers in those jobs may face 
higher risk of unemployment and declining wages with technological progress. 

This divide between the skills of the past and the skills of the future reflects other inequities in the 
labor market. The more educated, in formal jobs, working in large private sector firms, the public sector, or in 
skilled services are more likely to hold the jobs that complement new technologies. These jobs are also associated 
with higher wages. In contrast, jobs in the informal sector, small firms, domestic service, or agriculture rank 
low in terms of their intensity in the skills of the future. In contrast, they are intensive in routine skills. In other 
words, the jobs that may face higher risk of displacement or lower earnings growth as technological change 
accelerates are already of lower quality to begin with.

Reducing gender gaps

A second challenge is the reduction of gender disparities to increase the inclusion of women in the 
labor market. Even though significant progress was achieved in terms of reducing the gap in employment and 
labor force participation rates across genders, several indicators suggest that gender inequities are still important. 
For example, while women represent 65 percent of college enrollment and 80 percent of those who graduate 
with honors, they continue to be overrepresented among those with poorer job outcomes. The gender gap in 
earnings is stubbornly rigid despite significant changes in the labor market’s gender balance. 

While men have higher employment rates and work more hours weekly according to most statistics, 
the latter do not capture well the amount of unpaid work that relies on women. According to a time‑
use survey conducted in 2016, women allocate more than 31 hours to unpaid work per week, while men 
allocate only 9.6 hours. When adding up the number of paid and unpaid working hours per week, women 
work 4 hours more than men, which is equivalent to about 8.6 percent of men’s working hours. One key factor 
associated with a large gender gap in unpaid work is having children in the household. That is, most of the 
time allocated to family care responsibilities relies on women. These patterns of gender‑biased unpaid work 
reflect views regarding not only the role of women in the household but also in the labor market. In countries 
where anti‑egalitarian views regarding gender roles are more common, women’s employment rates are lower 
and gender pay gaps are wider.

Teenage pregnancy in the Dominican Republic is one of the highest in the world and may contribute 
to poor human capital accumulation and labor market outcomes. In 2018, there were 93 births per 1,000 
women ages 15 to 19 years in the Dominican Republic. This number is not only high in absolute terms but also 
when compared to countries at the same level of development. This figure has declined since 2000, but the 
gap with other countries in the region has not shrunk. More importantly, teenage pregnancy is highly linked 
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to exclusion and poverty in the Dominican Republic. More than one‑third of teenagers in the poorest quintile 
had children or was pregnant at the time of the survey. That fraction was 8.7 percent for the richest quintile. 
Teenage pregnancy is associated with a host of negative economic outcomes later in life, including lower levels 
of education and poorer labor market outcomes. This association between teenage pregnancy and poverty in 
the Dominican Republic may contribute to perpetuate the vicious cycle of poverty, lack of human capital, and 
poor labor market outcomes.

Improving the business environment and promoting greater product market competition

The analysis of labor demand indicates that the jobs landscape in the Dominican Republic is dominated 
by large and old firms, with a limited role for new firm entrants. Firm entry rates are among the lowest 
in the world. This represents a major obstacle for job creation, given that it is the younger firms that tend to 
experience higher productivity growth—a key ingredient to increase wages and the quality of jobs. 

To encourage a more dynamic entry of formal sector firms, it is important to reduce the costs and 
procedures involved in starting a new business. In this regard, the Dominican Republic can learn from the 
positive experiences from other countries in the region, such as Mexico, which has successfully implemented 
a number of reforms to improve the efficiency of opening and expanding businesses by reducing the number 
of days required to register a business and the creation of one‑stop‑shops (OSSs) in the most populous cities. 

In addition to reducing the costs of starting a business, a healthy business environment depends on 
the containment of the costs of operating a business. In this respect, recent Doing Business (World Bank 
2019, 2020) reports indicate that the Dominican Republic ranks poorly in relation to comparator countries in (a) 
access to credit, (b) protecting of the rights of minority investors, and (c) access to electricity. Facilitating greater 
access to credit and electricity helps small and younger firms disproportionately, considering that these firms 
are more likely to be credit constrained and less able to afford private generating capacity. Reforms in corporate 
governance to improve the institutional framework, transparency, and accountability would also contribute to 
a better business environment, especially for start‑up firms. 

The high concentration of output and employment in large and old firms in the Dominican Republic 
also suggests that these firms have considerable market power. This is reflected, among other things, in 
the strong perceptions of market dominance and uneven playing field as important issues affecting the business 
environment. The presence of oligopolistic or monopsonistic market structures typically results in less dynamic wage 
responses to productivity growth, which is consistent with what has been observed in the Dominican Republic. 
To address the influence of increasing industry concentration and the associated market power, it is necessary 
to ascertain the main underlying causes of growing market power. The textbook distinction in this context is 
between industry concentration propelled by natural monopolies, which call for a regulatory intervention, and 
industry concentration propelled by anti‑competitive behavior (for example, price fixing, market collusion, political 
lobbying), which calls for antitrust intervention meant to break up consortia to promote more competition. 

In addition to setting up a regulatory oversight office and introducing antitrust legislation, the most 
effective antitrust tool available to the Dominican authorities may be to promote greater openness 
of the economy. The Dominican economy appears to have been closing up over the last two decades. Its trade 
ratio has declined from around 80 percent in the late 1990s to about 50 percent currently, which may have 
contributed to a loss of internal competition. Under those circumstances, trade liberalizing measures should 
rate high on the Dominican policy agenda, together with the implementation of the Dominican Republic’s pro‑
competition law and the reduction of arbitrary tax exemptions, which are crucial sources of market distortions 
(World Bank 2018). 

Strengthening the links between the exporting sector and domestic firms could also help in creating 
more and better jobs in the Dominican Republic. The presence of special tax regimes for exporters contributes 
to an uneven playing field and creates a bias favoring imports instead of encouraging the creation of backward 
links with domestic producers. World Bank (2016) provides several recommendations to eliminate these biases 
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and strengthen backward links. These include creating a database of suppliers, matchmaking events, and local 
clusters around the industrial parks, among others. Accordingly, reducing the regulatory divide between firms 
in Special Economic Zones (SEZs) and outside SEZs, as well as across sectors (for example, by simplifying the 
minimum wage structure), will be key aspects of leveling the playing field across all firms. 

Adjusting minimum wages more efficiently

The proliferation and uneven adjustment of minimum wages inhibits labor market efficiency. The 
Dominican Republic has about a dozen different minimum wages that apply to different industries, regions, 
and firm types, and even though the average level of the minimum wage is quite modest (amounting to 30 
percent of the value added per worker), it has a potentially significant impact on all wages, as firms and workers 
often rely on it as a reference point during wage negotiations. Between 2000 and 2016, most minimum wage 
regimes in the Dominican Republic have at best kept pace with consumer price inflation or else allowed for some 
erosion of the real minimum wage to take place. So, to the extent that these various minimum wage regimes 
provide guidance for wage negotiations, the tendency to allow minimum wages to erode in real terms over 
time has contributed to the sluggish behavior of real wage growth that is reflected in the wage‑productivity 
gap observed over that period. A measure that would enable a more agile and efficient adjustment of wages 
include reducing the number of different minimum wages that are currently in effect (as these seed confusion 
and encourage market segmentation).
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1. GROWTH, JOBS, AND PRODUCTIVITY

This chapter examines recent trends in macroeconomic indicators in the Dominican Republic. It shows that the 
Dominican Republic experienced high rates of gross domestic product (GDP) and productivity growth since the 
early 2000s. This accompanied a process of poverty reduction which, to some extent, fell short of expectations 
given such high levels of economic growth. This disconnect seems linked to stagnant labor incomes. In fact, 
average real wages are at about the same level as in 2000. There has been little reallocation of workers from low 
to high productivity sectors, and most of the productivity growth took place within sectors. This lack of reallocation 
may suggest the existence of distortions in the labor market. The services sector continues to absorb most of 
the employment, even though its productivity growth is lower than that of manufacturing and agriculture. The 
chapter thus sets the stage for the rest of the report, which discusses the role of labor demand and labor supply 
in understanding the disconnect in the performance of macro and micro indicators in the Dominican Republic. 

The Dominican Republic stands out over the last 30 years as one of the fastest‑growing economies 
in Latin America and the Caribbean, as well as worldwide. Even in the 1980s—the ‘lost decade’ for most 
developing countries in the Western Hemisphere—the Dominican Republic managed to come out on the positive 
side of the growth ledger (Figure 1). It was during the 1970s and 1980s that the Dominican Republic took major 
steps in transforming itself from primarily an exporter of agricultural commodities (sugar, coffee, and tobacco) 
into a more diversified economy with strong roots in manufacturing (through its free trade zones), mining (gold, 
silver, bauxite, and nickel), and services exports (tourism). The Dominican Republic is both an immigration and 
emigration country, with large numbers of foreign‑born immigrants (mostly Haitian) living in the Dominican Republic 
as there are Dominican emigrants living abroad (about 1 million, or 10 percent of the Dominican population). Net 
remittances account for a significant share of foreign exchange inflows, amounting to 7.3 percent of GDP in 2018.

FIGURE 1
GDP per capita growth, constant prices

–1

0

1

2

3

4

5

A
ve

ra
g

e 
an

n
u

al
 g

ro
w

th
 r

at
e,

 
p

er
ce

n
t

1970s 1980s 1990s 2000s

Dominican Republic Latin America and Caribbean World

2010s

Source: World Bank, World Development Indicators (WDI).



8

As with most fast‑growing economies, the main driver of growth in the Dominican Republic has been 
the steady increase of labor productivity. Between 2000 and 2017, per capita value added grew at an annual 
rate of 3.45 percent, of which 2.71 percent was contributed by labor productivity growth (Table 1). Demographic 
trends, particularly a growing share of the working age population, as well as rising employment and labor 
force participation rates, also had a positive impact on economic growth, but together these contributed only 
one‑fifth of the overall per capita value‑added growth experienced over that period.

Despite the Dominican economy’s stellar macroeconomic performance and medium‑term favorable 
outlook,2 the pace of poverty reduction has been relatively slow since the late 1990s. During the last 
two decades, the Dominican Republic exhibited about the same amount of poverty reduction as its regional 
peers. As shown in Figure 2, for example, the Dominican Republic’s poverty headcount ratios (at US$1.90 per 
day and at US$3.20 per day) fell by roughly the same proportion between 2000 and 2017 as the average ratio 
in Latin America and the Caribbean. That is a significant improvement. However, considering that the Dominican 
Republic’s per capita GDP grew almost twice as fast as the regional average, a much faster reduction in poverty 
would have been warranted. While the Dominican Republic ranks 10th among 17 countries in Latin America 
and the Caribbean in terms of income per capita growth for the bottom 40 percent during 2008–2016, it had 
the fourth highest GDP growth rate (World Bank 2018). This suggests that the nature of GDP growth in the 
Dominican Republic has been less inclusive than in the rest of the region. 

The rapid economic growth observed over the last couple of decades also does not seem to have 
translated into significantly better jobs outcomes. The employment to GDP growth elasticity in the Dominican 

2 The Dominican Republic’s real GDP growth during 2014–2018 averaged over 7 percent per year, which may have exceeded its long‑
term potential growth rate. As noted in the most recent International Monetary Fund (IMF) Article IV Consultations (IMF 2019), however, 
a strengthened policy framework, a favorable external environment, and improved terms of trade helped mute inflationary pressures, 
bring down unemployment, and maintain a stable external position that is broadly in line with fundamentals. Looking forward, economic 
growth is expected to remain strong but at a somewhat lower pace in the face of tighter financial conditions, a less supportive external 
environment, higher oil prices, and lower export and remittances growth.

TABLE 1
Decomposition of growth in per capita GDP

% Yearly contribution to growth 2000–2005 2005–2010 2010–2017 2000–2017

Annual growth per capita value added 1.90 4.32 3.95 3.45

Change in labor productivity 1.18 3.81 3.06 2.71

Change in employment rate 0.10 0.32 −0.07 0.10

Change in participation rate 0.20 −0.28 0.68 0.26

Change in share of working age population 0.42 0.47 0.28 0.38

 

% Contribution 2000–2005 2005–2010 2010–2017 2000–2017

Annual growth per capita value added 100 100 100 100

Change in labor productivity 62 88 77 79

Change in employment rate 5 7 −2 3

Change in participation rate 11 −7 17 8

Change in share of working age population 22 11 7 11

Source for Total Value Added (WDI): Gross Domestic Product (2000–2017).
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Republic is at levels comparable to other countries (Figure 3a). A 1 percent increase in GDP is accompanied by a 
0.55 percent increase in employment. Jobs in services and female employment seemed the most responsive to 
economic growth (Figure 3b). Even though the economy succeeded in creating enough new jobs to keep the 
unemployment rate from increasing, the quality of jobs appears to have declined. This deterioration manifests itself 
most visibly in the stagnation of real wages. Other signs of poor or deteriorating job quality are the high degree of 
job informality and an increased concentration of employment in less productive, unskilled labor‑intensive sectors.

The average real wage in the Dominican Republic fell by 10 percent between 2000 and 2014, while 
the median wage fell by 2 percent over that period. Real wages rose in 2015–2016 but barely enough to 
bring the average wage to 4 percent above its value in 2000, while the median wage rose to 10 percent above 
its 2000 value.3 Considering that labor remuneration represents the main source of income for the majority of 
the population, especially for those in the bottom quintiles of the income distribution, this wage stagnation 
helps explain the country’s relatively weak poverty reduction response to economic growth. Since 2016, real 
wage growth appears to have caught up with productivity growth but not enough to make up for the lost 
ground in 2000–2015.

A puzzling aspect of the stagnant behavior of wages is that it has been taking place in an environment 
of fast labor productivity growth and seemingly low unemployment. This suggests that the primary job 
challenge facing the Dominican Republic is not only a matter of creating more jobs or raising labor productivity 
but also about raising job remuneration in line with evolving labor productivity trends. The idea that increases in 
labor compensation are positively associated with increases in labor productivity has a long history, supported by 
both empirical observation and theoretical considerations. It therefore came as a surprise to many when more 
recent analyses revealed wages and productivity growth to be drifting apart in the Dominican Republic since 

3 It is interesting to note that between 2000 and 2016, the growth in the median wage exceeded the growth of the average wage, 
if ever so slightly. Changes in the ratio of the average to the median wage are a widely used measure of changes in wage inequality, so 
seeing that this ratio has declined since 2000 suggests that rising wage inequality does not help explain the slow poverty response to 
rapid income growth. Of course, we cannot rule out increasing income inequality as a contributing factor, which takes into account non‑
wage incomes as well.

FIGURE 2
Poverty reduction in a comparative perspective
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at least the 1990s.4 The Dominican Republic is not alone, however, in experiencing a significant decoupling of 
wage growth from labor productivity growth in recent decades. In fact, this same trend has been observed in the 
United States and in many other Organisation for Economic Co‑operation and Development (OECD) countries 
since the late 1970s, as well as in several other developing countries.5 

Economists have pointed out that the divergence between labor productivity growth and wage growth 
can often be due to the mismeasurement of key variables, but this does not seem to be the case in the 
Dominican Republic. For example, for the case of the United States, Lawrence (2015) found that when real wages 
and labor productivity are properly measured, much of the wage‑productivity gap calculated over the period of 
1970 through 2000 disappears.6 When these same types of data adjustments were carried out for the Dominican 
Republic, the wage‑productivity gap declined modestly but did not disappear (see Annex A). In particular, the size 
of the wage‑productivity gap (depicted in Figure 4), which initially was measured as 49 percent of the average 
hourly wage, fell to 37.1 percent after various adjustments were to correct for possible mismeasurement.7 This 

4 Theory tells us that under competitive market conditions we should expect to see a systematic relation between real wage growth 
and productivity growth but not necessarily a one‑to‑one relationship, except when the elasticity of substitution of the production 
function equals 1 (Cobb‑Douglas); see Box 1. Another feature of the Cobb‑Douglas production function is that it leads to constant factor 
shares of income, and since factor income shares had exhibited little change over time in various earlier empirical studies, many analysts 
came to assume that such functions represented the norm rather than the exception. So, the element of surprise associated with the 
emergence of a wage‑productivity gap has more to do with the erroneous assumption of a unitary elastic production function than with 
any supposed violation of neoclassical maximizing principles.
5 See, for example, OECD (2018), which reports that 15 out of 24 countries exhibited a decoupling of wage and productivity growth, 
together with declining labor shares of income. (From basic macroeconomic accounting we know that increases in the ratio of labor 
productivity to real wages translate into declining labor income shares; Box 1.) Karabarbounis and Neiman (2014) have found that in 
a sample of 59 countries with at least 15 years of wage‑share data between 1975 and 2012, 42 countries exhibited downward trends 
in their labor shares. (For 37 countries, the downward trend was statistically significant, whereas only 9 countries exhibited statistically 
significant increases in their labor shares.) Of the 10 largest economies, all but the United Kingdom exhibited downward trends in labor 
shares. Interestingly, the largest developing economies (China, India, Brazil, and Mexico) also exhibited declining labor shares.
6 See also Brill et al. (2017).
7 World Bank (2017) analyzes whether statistical mismeasurement can explain the wage productivity gap in the Dominican Republic, 
given that the national income accounts methodology was revised and the base year moved from 1991 to 2007. That analysis also found 
that the national accounts had previously overestimated productivity growth during the period in question but that a significant gap 
remained and was indeed getting larger.

FIGURE 3
Employment to economic growth elasticity, 2000–2017
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gap remains quite significant: it says that if real wages in the Dominican Republic had kept up with productivity 
growth, they would now be 37 percent higher than they currently are. It also suggests that the disconnect between 
wages and productivity may be reflecting global trends rather than being primarily a homegrown phenomenon.

Stagnant wage behavior is usually associated with slack labor markets, but the behavior of open 
unemployment rates in the Dominican Republic appears to contradict this relationship. As seen in 
Figure 5, the Dominican Republic’s open unemployment rate has been systematically below the average rate 
observed in the rest of Latin America during the 2000s, and except for a temporary increase in the first half of 
the 2010s, this pattern was resumed after 2016. The pattern of comparatively low open unemployment is more 
consistent with the Dominican economy’s fast economic growth than with the notion of a slack labor market 
suggested by the pattern of stagnating wages. 

FIGURE 4
The disconnect between wages and productivity in the Dominican Republic
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FIGURE 5
Evolution of open unemployment rates: Dominican Republic, Latin America and the Caribbean, 
and worldwide
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The comparatively low open unemployment rate disguises the slackness of the Dominican labor market, 
as many idle workers have become discouraged by poor job prospects and decided to withdraw from 
the labor market or to emigrate, which results in lower unemployment rates (Abdullaev and Estevao 2013). 
This explanation is consistent with the high levels of underemployment historically observed in the Dominican 
Republic. For example, as shown in Figure 6, the Dominican Republic’s employment rate has been consistently 
lower than the Latin America and the Caribbean average since the mid‑1990s, while the labor inactivity rate in 
the Dominican Republic has been systematically higher than the Latin America and the Caribbean average. These 
indicators point toward significant labor market slackness from the 1990s to around the mid‑2010s, which may 
have contributed to the rising wage‑productivity gap that developed during that period.

The trajectory of the Dominican Republic’s employment and inactivity rates changed course around 
2010, however, and began to converge with the Latin America and the Caribbean average rates. 
The additional labor supply made available as the Dominican inactivity rate declined may have put downward 
pressure on wages in spite of strong labor demand. In any case, that downward pressure would have stopped 
once the inactivity rate stabilized at its new level around 2015, which may also explain the modest uptick in real 
wages observed since 2014. The wage increases observed so far, however, have not been large enough to make 
significant inroads in closing the wage‑productivity gap that has been accruing since at least 2000.

These developments suggest that the Dominican labor market has improved its capacity to generate 
new jobs to absorb its growing workforce. Questions remain, however, about the quality of the new jobs 
being created, particularly in regard to wage amount, job type (for example, wage based versus self‑employment), 
social insurance protection, and skills match. Also, even though the labor market appears to fulfill its market 
clearing function at the aggregate level, questions have arisen at a more disaggregated level about the efficiency 
of labor allocation across sectors. In particular, the Dominican Republic exhibits a disconnect between the sectoral 
evolution of output and of employment that could be reflecting barriers to factor mobility.

The Dominican Republic is well advanced in the structural transition away from agriculture that 
characterizes most countries on the path of development (Table 2). In the Dominican Republic, however, 
a similar transition is also occurring in the industry sector. It is losing employment share, even though this is the 
most productive sector of the economy. That leaves only the services sector to absorb all the workers that have 
left the other sectors. 

FIGURE 6
Inactivity and employment rates
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The increasing concentration of employment in the services sector—coupled with its low productivity 
levels—hinders overall productivity growth. Figure 7 shows that in addition to falling employment shares, 
the agriculture and industry sectors are not adding any additional workers. All the additional employment is 
taking place in services, whose productivity growth is rapidly decelerating. In the mid‑1995, the Services sector 
displayed a similar productivity of labor as the Industry sector. Since then, productivity growth in the sector 
has basically stagnated and now risks being overtaken by the agriculture sector, which traditionally is the least 
productive of the major sectors. Meanwhile, the industry sector has seen a tripling of its labor productivity since 
the mid‑1990s but has failed to expand employment.

FIGURE 7
Sector employment and productivity
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TABLE 2
Structural evolution of the economy by sector

Shares of GDP (%) 1991 1995 2000 2005 2010 2018

Agriculture 13 11 7 8 6 6

Industry 36 35 35 32 30 30

Services 50 54 58 60 64 64

Total 100 100 100 100 100 100

 

Shares of Employment (%) 1991 1995 2000 2005 2010 2018

Agriculture 21 20 16 14 12 9

Industry 27 26 25 23 18 19

Services 53 54 60 64 69 71

Total 100 100 100 100 100 100

Source: World Bank (WDI).
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Over the last two decades, labor productivity growth in the Dominican Republic has taken place entirely 
through within‑sector productivity growth. If anything, between‑sector productivity growth has been negative, 
which means that labor was, on average, redeployed from more productive sectors to less productive sectors, 
which reduces overall growth. Looking over the entire period from 2000 to 2017 (last column in Table 3), the 
annual rate of productivity growth was 2.71 percent, of which 3.13 percent was due to within‑sector productivity 
growth and −0.41 percent was due to between‑sector productivity growth. The industry sector contributed the 
most to within‑sector productivity growth, followed by the services and agriculture sectors. From the bottom 
half of Table 3 we note that any gain in production that accrued to the services sector on account of labor shifts 
into the sector was eclipsed by the greater loss in production due to labor shifting out of the other two sectors.

Intersectoral shifts in employment were productivity enhancing between 2000 and 2007 but not 
thereafter. As seen in Figure 8, between 2000 and 2007, there was a positive association between the relative 
levels of labor productivity and changes in employment shares. Certain sectors such as finance, hotels and 
restaurants, and transport and information and communication technology (ICT) had higher levels of labor 
productivity and at the same time experience an expansion in their shares of total employment. On the other 
hand, the primary sector as well as the retail and wholesale sector were among the least productive and at the 
same time witnessed a decline in their share of employment. This process did not take place between 2008 
and 2016. During that period, the most productive sectors—such as manufacturing, finance, and real estate—
experienced a decline in their employment shares, while those less productive—such as wholesale and retail 
and the public sector—expanded. These employment shifts contributed to reduce labor productivity growth.

CONCLUDING REMARKS

This chapter has summarized some of the evidence pointing to a progressive decoupling of wages 
and productivity growth in the Dominican Republic that cannot be explained away as just a matter 
of variable mismeasurement. This decoupling has manifested itself in poor job outcomes, especially the 
stagnation of wages and a declining income share for labor. These are cause for much concern, triggering calls 
for corrective policy actions. The Dominican Republic is not unique in this regard, as other developing and OECD 
countries are experiencing similar problems. It means that the variables contributing to these poor job outcomes 
are not entirely homegrown but also reflect global trends and developments. 

TABLE 3
Decomposition of labor productivity growth by major sector, Dominican Republic

% Yearly contribution to growth 2000–2005 2005–2010 2010–2017 2000–2017

Overall change in productivity 1.18 3.81 3.06 2.71

Within-sector productivity growth 1.17 4.54 3.06 3.13

Agriculture 0.21 0.34 0.31 0.30

Industry 0.38 2.67 1.56 1.80

Services 0.58 1.53 1.20 1.03

Between-sector productivity growth 0.00 −0.73 0.00 −0.41

Agriculture −0.05 −0.08 −0.16 −0.13

Industry −0.27 −1.92 −0.24 −0.96

Services 0.33 1.28 0.40 0.68

Source: World Bank, Jobs Structure Tool.
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FIGURE 8
Labor productivity vs. employment structure change, 2000–2016
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BOX 1. PRODUCTIVITY AND WAGES

This box seeks to remind readers of the analytical basis in positing a stable relationship between wages 
and average labor productivity in the context of a standard neoclassical framework. It also shows that 
wage growth can diverge from average productivity growth over extended periods without violating 
profit‑maximizing competitive market assumptions.

Theory. Consider a representative, profit‑maximizing firm in a market economy producing output (Q) 
using two inputs—capital (K) and labor (L)—with a constant elasticity of substitution (CES) production 
function technology, written as: Q = A [ δK–ρ + (1 – δ) L–ρ ]–1/ρ, where A is an efficiency parameter, δ is a 
distributional parameter, and ρ represents a substitution parameter, such that the elasticity of substitution 
is given by σ = (1 / (1 + ρ ), where −1 < ρ < ∞. To maximize profits, the representative producer hires labor 
until the marginal product of labor (MPL) is equal to the real wage (w) or

w = (MPL) =           [Q / L]1 + ρ =           [Average Labor Productivity]1+ρ.  (1)

Taking the log operator to Equation (1) and differentiating, we have that

dln (w) / dt = (1 + ρ ) dln (APL ) / dt.  (2)

From Equation (2) we see a stable, positive relationship between real wage growth and average labor 
productivity growth, but it is not one‑to‑one, except in the unique case where the parameter ρ = 0, 
meaning that the elasticity of substitution is 1 (Cobb‑Douglas production function). With an elastic 
production function (−1 < ρ < 0), wage growth is slower than labor productivity growth, whereas with an 
inelastic production function (ρ > 0), wage growth would exceed productivity growth.

Empirics. A common starting point of empirical research on the relation between wages and average 
labor productivity (in a firm, sector or economy‑wide) is through the following accounting identity:

w = W / L = [W / Q] [Q / L] = [W / Q][APL ],  (3)

where W represents total labor compensation, L is the total number of hours worked, Q is total value 
added, and w represents the average hourly wage rate. This says that the wage rate is equal to the labor 
share of income (W / Q) multiplied by the average labor productivity (Q / L ≡ APL ). Taking log derivatives 
of this equation, we can see once more from Equation (4) that unless the labor share of income remains 
constant over time (which is the hallmark of Cobb‑Douglas production functions), the growth rate of 
wages will diverge from the growth rate of average labor productivity. 

dln ( w) / dt = dln [W / Q] / dt + dln (APL ) / dt.  (4)

That is, productivity growth exceeds (is less than) real wage growth if labor’s share of income is falling 
(rising). Whether labor’s income share is falling or rising, in turn depends on whether the elasticity of 
substitution of the underlying production function is in the elastic or inelastic range. 

Source: World Bank, Jobs Group.

1 – δ
Aρ

1 – δ
Aρ
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2. LABOR SUPPLY

This chapter reviews the characteristics of the labor supply in the Dominican Republic. It shows patterns of 
employment and labor force participation growth. It shows that the quality of jobs, in terms of earnings’ levels 
and formality rates, has been stagnant. It illustrates that despite important advances, there are still significant 
gaps across genders. At the same time, it provides new evidence showing that workers in the Dominican Republic 
lag their peers in comparable economies in terms of the skills required by the jobs of the future. It also shows 
who among the workers are more vulnerable to ongoing trends in automation, because of their skills being 
more likely to be substituted by new technologies.

2.1 LABOR FORCE PARTICIPATION AND EMPLOYMENT

The vast majority of jobs in the Dominican Republic are outside agriculture. In 2018, only about 8 
percent of people employed had a job in agriculture. These jobs are mostly in low‑productive occupations with 
low wages and poor benefits, with only 24 percent of agricultural workers being in a salaried job. In contrast, 
more than 9 of every 10 people employed work in the industry or services sector. Of those, about a third work 
as self‑employed and almost two‑thirds as salaried workers. However, according to several dimensions discussed 
in this chapter, while non‑agricultural jobs tend to be of better quality than agricultural ones, the Dominican 
Republic faces a scarcity of good quality jobs in rapidly growing urban areas. 

FIGURE 9
Structure of the labor force, 2018
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Labor market outcomes have been stagnant in the 2000s, but job creation started to increase after 
the 2008–2009 financial crisis. Analyzing trends in labor market outcomes is complex given that a significant 
methodological change was introduced to the main survey that collects labor market variables in the Dominican 
Republic in late 2014. However, given the overlap of the two methodologies in the years 2015 and 2016, it 
is possible to infer if the evolution of key labor market outcomes during the transition period were due to the 
change in the methodology. As seen in Figure 10, before the significant decline in 2009, the employment 
rate hovered between 53 and 55 percentage points since 2000. However, a substantial rebound took place 
afterwards, with the employment rate raising from 52.4 percentage points in 2009 to about 56.8 in 2016, the 
highest value since 2000. Both the ENFT (Encuesta Nacional de la Fuerza de Trabajo) and the ENCFT (Encuesta 
Nacional Continua de la Fuerza de Trabajo) show an increase in employment between 2015 and 2016, from 
56.1 to 56.8 and from 57.3 to 57.9 percentage points, respectively. This is important as it shows that despite 
the change in the level of the employment rate, the trends are rather similar according to both methodologies. 
The increase in this variable was even larger during recent years reaching 61 percentage points in 2019, the 
highest value for the past two decades.

BOX 2. METHODOLOGICAL CHANGES INTRODUCED TO THE MAIN LABOR FORCE 
SURVEY OF THE DOMINICAN REPUBLIC

Several improvements were introduced to the ENFT. The new survey, the ENCFT, started to be conducted 
in a parallel mode with the ENFT from 2014 until 2016. Since 2017, the ENFT stopped being collected. 
The main changes introduced included the following:

1. Conceptual framework and methodology 

(a) Harmonization with National Accounts: Same classification of jobs according to the final use of 
production (include production of goods and services for self‑consumption)

(b) Changes in reference periods for employment variables

(c) Changes in the age brackets to define working‑age population

(d) Definition of unemployment and under‑employment according to international practices

(e) Consolidation of multiple official unemployment rates into one

(f) Distinction between informal sector (if employer is registered with tax authority or has formal 
accounting procedures) and informal employment (if the worker has employment‑based health or 
pension contributions)

(g) Uses new industry and occupation classifications

2. Questionnaire

(a) Adaptation to the new conceptual framework

(b) Changes to increase the flow and improve the performance of both the interviewer and interviewee

3. Sample design: based on the 2010 Population Census (the ENFT was based on the Population 
censuses of 2002 and earlier ones)

Analyzing the impacts of these changes on key employment indicators is beyond the scope of this report. 
However, according to Figure 10 and Figure 11, it can be noticed that during the years where both the 
ENFT and ENCFT overlapped, the ENCFT produced larger estimates of both employment and participation 
rates, but lower estimates of unemployment rates. This suggests that the increase in employment was 
lower than the increase in participation when comparing the ENFT and the ENCFT. 
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In contrast to the dramatic increase to the employment rate since 2009, the unemployment rate has been 
stagnant. Between 2009 and 2013, the increase in the employment rate was accompanied by a simultaneous 
increase in the unemployment rate, from 5.5 to 7.4 percentage points (Figure 10). Changes in the unemployment 
rate are driven by changes in both the number of employed and non‑employed people looking for a job. Thereby, 
the increase in unemployment during a period of job creation suggests that an important share of the inactive 
population are discouraged workers who would join the labor force once the likelihood of finding a job improves. 
In contrast to this dynamic, the unemployment rate showed a significant decline between 2013 and 2016. Both 
the ENFT and ENCFT show a decline in the unemployment rate between 2015 and 2016, suggesting that during 
this period the increase in employment was larger than the increase in activity rates. However, since 2017 the 
increase in employment again coincided with an increase in unemployment, from 5.5 to 6.2 percentage points. 
In other words, the existence of discouraged workers who are considered as out of the labor force seems an 
important factor to explain the high rates of labor market inactivity in the Dominican Republic. 

The evolution of the the overal labor force participation rates since the early 2000s reflect changes in 
the share of discouraged workers but also a secular increase in female labor force participation. Between 
2000 and 2009, there was a decline in male labor force participation that coincided with stagnant employment 
rates at the aggregate level, which may reflect an increase in the fraction of discouraged workers (Figure 11). During 
the same period, women experienced a moderate improvement in their employment rate, but these gains were 
lost during the 2008–2009 financial crisis. Ever since 2009, however, women experienced a sustained increase 
in both activity and employment rates. While in 2009 just 39 and 36 percent of women participated in the labor 
market and had a job, respectively, those figures climbed up to about 53 and 48 percent in 2019. The labor force 
participation of men seems sensitive to the pace of job creation and the likelihood of finding a job, as it tended 
to grow between 2009 and 2013, and between 2017 and 2019, when the employment rate also increased.

The Dominican Republic compares favorably against countries in the region with respect to the total 
quantity of jobs, but not with respect to female or skilled employment. Men have higher employment 
rates in the Dominican Republic than in any other comparator country (Figure 12). Employment rates are also 

FIGURE 10
Evolution of employment and unemployment rate, 2000–2018
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FIGURE 11
Evolution of employment and participation rates, by gender
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FIGURE 12
Employment rates in the Dominican Republic and comparator countries, 2017–2018
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relatively high for youth and for those with 8 years of education or less. Employment rates are also relatively 
high in both urban and rural areas. Youth employment rates are higher than in other comparator countries 
except for Brazil and Colombia. In contrast, employment rates for women in the Dominican Republic are at the 
same levels or lower than in other countries except for Costa Rica. Accordingly, while there are sharp differences 
in employment rates across education levels in other countries, skilled people in the Dominican Republic do 
not experience significantly higher rates of employment than their least skilled peers. For example, while the 
employment rate gap between the high and low educated group varies from 13 percentage points (Colombia) 
to 24 percentage points (Brazil), this gap in the Dominican Republic is only 8 percentage points. In other words, 
high educational attainment is not strongly linked to better employability in the Dominican Republic.

2.2 THE QUALITY OF JOBS

Improving the quality of jobs in the Dominican Republic is a more imperative challenge than increasing 
their quantity. While the Dominican Republic’s economy performs relatively well in terms of the ability to generate 
jobs, especially in recent years, the country is lagging in terms of the quality of the existing jobs according to 
several dimensions. Low‑quality jobs are typically linked to low‑productive activities that provide low wages and 
no protection against important risks such as illness or old‑age poverty. According to the productive definition 
of informality—which tends to capture jobs in low‑productivity activities—the share of informal workers was 
stagnant at about 50 percent between 2000 and 2012 (Figure 13a), and declined slightly from 2012 until 2016. 

Distinguishing between informal sector and informal employment is key in the Dominican Republic. 
The new labor force survey (ENCFT) allows to measure informality according to the best international practices. 
It distinguishes employment in the informal sector from informal employment. The informal sector is defined 
according to the lack of registration of the employer or self‑employed with the corresponding authorities and 
the absence of standard accounting practices. Informal employment is defined by the lack of social security 
coverage, employment contract, and other benefits. In other words, with this new definition it is possible to 
capture informal workers in the formal sector, and formal workers in the informal sector. Most of the informal 
employment in the Dominican Republic is accounted for in the informal sector. In other words, there is a very 
small fraction of informal employment in the formal sector, about 10 percent (Figure 13b). Accordingly, there is a 
negligible share of formal workers in the informal sector (less than 1 percent). About 80 percent of the informal 
sector is accounted by informal self‑employment, while almost 90 percent of the formal sector is accounted 
by formal salaried workers. Domestic workers are mostly informal, and they account for about 10 percent of 
informal employment. When looking at trends, the size of both the informal sector and informal employment 
have been rather stagnant since 2014, with a slight decline in 2019. 

The incidence of informality in the Dominican Republic is high in general, and also when compared to 
other countries. In the Dominican Republic, 58 percent of workers did not contribute to a pension fund in 2018 
(Figure 14a). According to this legal definition, informality is higher—both in absolute terms and when compared 
to other countries—for men, prime‑age, low‑educated, and urban workers. Workers in the Dominican Republic 
are significantly more likely to work in low‑productive activities than their peers from other countries. According to 
the productive definition of informality—which tends to capture jobs in low‑productivity activities—the Dominican 
Republic lags every comparator country except Colombia (Figure 14b). The incidence of informal jobs is worse 
for workers with low and middle educational attainment and for those in rural areas. Even though those highly 
educated or in urban areas have better jobs according to this dimension, they still lag other comparator countries.

Low‑skilled workers in agriculture and construction and in micro firms are more likely to have an 
informal job or a job in the informal sector. When comparing individuals otherwise similar in terms of their 
observable characteristics, econometric estimates show that high school and college graduates are 8.8 and 
16.5 percentage points less likely to have an informal job than their peers that did not finish primary education 
(Table AA.1, column 2). Those with jobs outside agriculture and construction are significantly less likely to have 
an informal job. For instance, workers in finance or real estate are 18.8 and 22.3 percentage points less likely 
to have an informal job than their peers in agriculture. Having a job in a small firm is associated with a higher 
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likelihood of being in the informal sector and of having an informal job. The incidence of informality declines 
steeply between firms with 10 employees or less and those with more, but it is quite similar for those with 20 to 
30 employees as for those with 100 employees or more. The likelihood of having an informal job also declines 
steeply between firms with 10 employees or less and those that have more. However, it continues to fall among 
firms of larger size. For example, while workers in firms with 11 to 19 employees are 58.9 percentage points 
less likely to have an informal job than those in firms with 10 employees or less, that figure for workers in large 

FIGURE 13
Informality trends
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FIGURE 14
Informality in the Dominican Republic and comparator countries
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firms with 100 employees or more is 73.9 percentage points. In summary, while the 10‑employee cut‑off seems 
key to determine the likelihood of being in the informal sector and having an informal job, the probability of 
having an informal job continues to decline with the size of the firm beyond the 10‑employee cut‑off.

Informality is linked to lower earnings. Salaried workers with an informal job have wages 33.4 percent 
lower than their formal peers (Table AA.2, column 3). This is not surprising considering that informality tends to 
be more prevalent among low‑productivity activities. The magnitude of the informality penalty, however, is very 
large. As a reference, the earnings penalty from having an informal job is similar to the earnings gap between 
workers who did not complete primary education and those who graduated from high school. This informality 
earnings penalty decline once we control for the size of the firm, which is expected since small firms are more 
likely to be less productive, have more informal employment and pay lower wages (Figure 15). In contrast to the 
informal job wage penalty, having a salaried job in the informal sector is not correlated with lower wages once 
we control for formal employment status. In other words, when we compare salaried workers with the same 
characteristics (including job formality status), they are expected to earn the same at a formal or informal firm. 
Among the self‑employed and employer, there is perfect correlation between belonging to the informal sector 
and having an informal job. Their informal sector (or job) earnings penalty is higher than for salaried workers. 
Informal self‑employed and employers earn about 42 percent less than their formal peers. 

Larger firms provide higher‑quality jobs not only with respect to formality but also with respect to 
wages. Workers in firms with 31 to 50 employees, earn on average wages 37 percent higher than those in micro 
firms with 10 employees or less (Table AA.2, column 6). The corresponding figure for firms with 100 employees 
or more is 40 percent. As discussed in Chapter 3, barriers to firm growth or the entry of large firms are critical 
factors behind the low quality of jobs of the Dominican Republic. 

Earnings are persistently low in the Dominican Republic. As discussed in Chapter 1, despite a successful 
macroeconomic performance and rapid labor productivity growth, labor market earnings remain low. They 
have experienced a substantial increase since 2012 in real terms, of about 20 percent, but they are still below 
the levels from almost 20 years ago. In 2018, the average worker’s real hourly earnings were 3.1 percent lower 
than in 2000 (Figure 16a). This is not driven by a particular socio‑demographic group, since earnings have been 
stagnant across genders, age groups, educational levels, and area of residence. The decline in real hourly earnings 
since 2000 was slightly smaller for those with low‑education (5 percent) when compared to those with medium 

FIGURE 15
Informality and firm size earnings premium
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(11 percent) and high education (10 percent). Women and those in rural areas experienced a marginal increase, 
of about 1 and 3 percent, respectively. 

Earnings in the Dominican Republic are also low when compared to other countries. The average worker 
in the Dominican Republic has earnings about half the value of those of their peers in Chile, Costa Rica, and 
Panama (Figure 16b). These differences are not driven by a different composition of the labor force in terms 
of gender, age, education, or location. In fact, the earnings gaps are evident across all these socioeconomic 
groups. Non‑wage benefits have not increased on average either, as suggested by the stagnant share of workers 
without access to social security rights. In fact, even among formal workers, the Dominican Republic also stands 
out in terms of the low levels of non‑wage costs when compared to other countries in Latin America and the 
Caribbean (World Bank 2018b). According to Alaimo et al. (2017), the Dominican Republic has one of the 
countries with the lowest non‑wage costs in the Latin America and the Caribbean region in terms of mandatory 
social contributions and job benefits such as annual leave and severance payments.

2.3 SKILLS

The educational attainment of the population has increased significantly, but there are still important 
gaps. While almost 70 percent of women born between 1954 and 1958 had at most 8 years of education, 
that fraction is less than 19 percent for their peers born between 1989 and 1993 (Figure 17). Accordingly, the 
fraction of women with at least 14 years of education rose from 13.4 to 31.6 percent between those cohorts. 
The increase in educational attainment was experienced by men, but to a lesser extent. Among those in the 
25–64 age group in 2018, the share of men with at least 14 years of education was 13 percent among the 
oldest cohort, and 19 percent among the youngest.

Despite this progress, the Dominican Republic lags significantly in terms of the quantity and quality 
of education. When computing the expected years of education of the future labor force, the Dominican 
Republic has the lowest level among comparator countries, similar to that of Panama (Figure 18). That level 
is about 88 percent of that of Chile. When adjusting for the quality of education, the gap becomes even 

FIGURE 16
Real hourly earnings

100.0

101.3

95.8

88.4

65.8

85.4 85.2

82.5
86.2

88.2 88.1
84.3

81.4

82.7
82.6

89.3
92.2

91.2

96.9

50

60

70

80

90

100

110

In
d

ex
 (

20
00

=
10

0.
0)

20
00
20

01
20

02
20

03
20

04
20

05
20

06
20

07
20

08
20

09
20

10
20

11
20

12
20

13
20

14
20

15
20

16
20

17
20

18

Urb
an

Ru
ra

l
To

ta
l

M
en

W
om

en
15

–2
4
25

–6
4

Lo
w

M
ed

iu
m

Hig
h

Gender Age Education Area

0

1

2

3

4

5

6

7

8

U
S 

D
o

lla
rs

 (2
01

0 
p

ri
ce

s)

Dominican Republic Brazil Chile
Colombia Costa Rica Panama

A. Over time B. Across countries

Source: Own estimation based on SEDLAC databases.

Note: The survey years are 2018 for the Dominican Republic, and 2017 for the other countries. Educational categories are as follow. Low: 
0–8 years of education; Medium: 9–13 years of education; High: 14+ years of education. 



25

larger. The learning‑adjusted expected years of education for the Dominican Republic represent 66 percent 
of the corresponding value for Chile.

Gaps in the quality of education start early in the life cycle. According to the Dominican Republic’s 
national standardized test, just 12 percent of children in third grade achieved satisfactory levels in Spanish 
and 27 percent in mathematics in 2017 (World Bank 2018b). Accordingly, when compared to other Latin 
American countries that participate in the Programme for International Student Assessment (PISA), the 
Dominican Republic has the lowest scores for reading (Figure 19), and also for mathematics and science 

FIGURE 17
Educational attainment across cohorts, ages 25 to 64 in 2018
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FIGURE 18
Expected years of education
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among 15‑year‑olds. Moreover, these levels worsened since 2015, as the average reading test scores for the 
Dominican Republic declined in 2018.

The lack of an adequate educational system in the Dominican Republic is also evident when 
analyzing the type of tasks that workers carry out at work. This report uses a methodology to rank 
occupation by their skill content (see Box 3). It considers the extent to which different occupations rely 
on the following tasks:

• Non‑routine analytical: intensity of reading, use of mathematics, and thinking at work. Examples of 
occupations intensive in these skills include engineers, doctors, and so on.

• Non‑routine interpersonal: supervision of workers and interaction with clients. Examples of occupations 
intensive in these skills include managers, CEOs, and so on.

• Routine cognitive: infrequent necessity to learn new things or be independent at work, repetitive tasks. 
Examples of occupations intensive in these skills include bank tellers, cashiers, and so on.

• Routine manual: operate machines and use of physical strength. Examples of occupations intensive in 
these skills include workers in the assembly line, construction workers, and so on.

• Non‑routine manual: Driving and repairing equipment. Examples of occupations intensive in these skills 
include electricians, drivers, and so on.

Jobs intensive in non‑routine analytical and interpersonal skills are more likely to benefit from new technologies. 
In contrast, those in routine occupations are more likely to lose, since those jobs are more likely to disappear with 
technological change. Jobs in the Dominican Republic are not intensive in the skills of the future, even when 
compared to other countries at the same level of development. As seen in Figure 20, the Dominican Republic is 
not only below the average country (whose skill index is equal to zero) with respect to the intensity of non‑routine 
cognitive and interpersonal skills, but also with respect to those at the same level of GDP per capita. In contrast, 
jobs in the Dominican Republic are disproportionately intensive in routine skills. Workers in those jobs may face 
higher risk of unemployment and declining wages with technological progress. 

FIGURE 19
PISA average reading test score
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Despite being a laggard in the race toward the jobs of the future, recent occupational changes show 
a more optimistic view. Figure 21 shows the trends in the skill content of jobs with respect to the year 2000. 
Changes over time in these indexes are driven by occupational changes. That is, if the share of occupations 
intensive in reading or thinking (non‑routine analytical index) rises, then the non‑routine analytical index 
rises. Ever since 2000, the share of occupations intensive in non‑routine tasks has increased, and the share of 
occupations intensive in routine tasks has declined. This is what is observed in most countries. More importantly, 
these changes accelerated since 2012.

The more educated, in formal jobs, working in large private sector firms, the public sector, or in skilled 
services are more likely to hold the jobs that complement new technologies. As seen in Figure 22 (a) and 
(b), these groups rank higher in terms of the intensity of their jobs in non‑routine cognitive and interpersonal 
skills. In contrast, jobs in the informal sector, small firms, domestic service, or agriculture rank low in terms of their 
intensity in the skills of the future but are instead abundant in jobs intensive in routine skills. In other words, these 
are the jobs that may face higher risk of displacement or lower earnings growth as technological change accelerates.

The increase in the share of jobs intensive in non‑routine cognitive and interpersonal skills was largely 
driven by the increase in educational attainment. A simple Oaxaca decomposition (see Table AA.3) shows 
that the increase in the share of workers with at least 14 years of education explains most of the increase in the 
non‑routine cognitive and interpersonal indexes. The increase in the employment share of commerce, skilled 
services, and education also contributed to this phenomenon. 

FIGURE 20
The skill content of jobs across countries, latest year available
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Even though educational attainment is not strongly liked to higher employability in the Dominican 
Republic, diplomas and skills are associated to significantly higher earnings. College graduates working 
in a salaried job earn hourly wages almost 200 percent higher than their peers that did not graduate from 
high school.8 The college premium is also high among the self‑employed, at about 88 percent. Accordingly, 
the complexity of the tasks that workers perform at work also matter. For example, a one‑standard deviation 
in the non‑routine analytical content of job is associated with hourly earnings about 7 to 24 percent higher in 
2015–2016 (see Table AA.4). Between 2000 and 2016, jobs intensive in routine cognitive tasks were associated 
with lower earnings than the rest. In contrast, non‑routine tasks, even manual ones, had a pay premium. This 
is expected since these are the tasks that are more difficult to replicate with new technologies.

8 See Table AA.2, column 6. This figure is estimated as exp(1.08) − 1 = 1.95.

FIGURE 22
The skill content of jobs by workers and jobs’ characteristics, 2016
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FIGURE 21
The skill content of jobs in the Dominican Republic, 2000–2016
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BOX 3. ESTIMATING THE TASK CONTENT OF JOBS IN THE DOMINICAN REPUBLIC

There is a large body of literature estimating the task content of jobs (Acemoglu and Autor 2011; Autor 
and Handel 2013; Hardy et al. 2018). To do this, data on the tasks that people do at work is needed. This 
can come from expert surveys (such as the O*NET for the United States) or from worker‑level surveys. 
Given the scarcity of these type of data for developing countries, this study exploits data from three Latin 
American countries with available skills surveys. These include the STEP surveys for Bolivia and Colombia, 
and a STEP‑like survey for El Salvador. 

The methodology is based on Lo Bello, Sanchez‑Puerta, and Winkler (2019). It uses workers’ responses 
about specific tasks performed at work and groups them in five categories:

Each categorical index in the second column is standardized to have mean zero and standard deviation 
of one, then they are added up and normalized again for the three‑country sample. Then the average 
for each two‑digit ISCO‑88 occupational category is estimated and applied to each wave of the ENFT 
between 2000 and 2016. Data from ENCFT 2017 and 2018 are not used due to a change in the ISCO 
code, which leads to a break in the series. Then the average task content is equal to the weighted‑
average occupation‑specific score, where the weights are number of workers per occupation. In other 
words, differences in the task content of jobs over time or across groups is purely driven by differences 
in the occupational structure. Lo Bello, Sanchez‑Puerta, and Winkler (2019) contains more details on 
the methodology.

Skill Bracket STEP Task

Non-routine Analytical

Type of document read

Length of longest document typically read 

Math tasks

Thinking for at least 30 minutes to do tasks 

Non-routine Interpersonal
Supervising coworkers

Contact with clients

Routine Cognitive

How often your work involves learning new things

Autonomy

Repetitiveness

Routine Manual
Operate

Physically demanding

Non-Routine Manual
Driving

Repair
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BOX 4. WHO CAN WORK FROM HOME DURING COVID-19 IN THE DOMINICAN REPUBLIC?

The spread of COVID‑19, lockdowns and social distancing raised the question of how many jobs can be 
done from home. Answering this question is crucial not only to understand how many jobs can be protected 
by their amenability to working from home (WFH), but also to identify the most vulnerable groups.

We apply the methodology developed by Hatayama, Viollaz, and Winkler (2020) to the 2018 ENCFT 
to answer this question. We calculate the occupations that have tasks less amenable to working from 
home in four Latin American economies with available data from PIAAC skill surveys: Chile, Ecuador, 
Peru, and Mexico. These tasks include physical and manual tasks that need to be carried out at a specific 
location and face‑to‑face interactions that require being in the same location as another person, for 
example a customer, coworker, or student. A third task component measures the extent to which the 
worker uses ICT at work. This is important as some face‑to‑face interactions can be done online and not 
necessarily in person. For example, a supervisor of a supermarket chain may evaluate the performance 
of employees using software, while the owner of an informal grocery store may be more likely to do so 
by visual inspection. We then impute the average value of these task indexes with the four‑digit ISCO08 
classification for Chile, Ecuador, Peru, and Mexico to workers’ corresponding occupations in the Dominican 
Republic’s ENCFT 2018. In addition, we calculate a fourth component using data from the ENCFT 2018: 
internet connectivity at home. This variable is important since some individuals may have a job amenable 
to telework, but they may not be able to do so if they lack home connectivity.

The results indicate that amenability to working from home increases with household income per capita 
(see the figure below), which suggests that the pandemic may exacerbate income inequality through 
this channel. This positive link between WFH amenability and incomes is driven by jobs in richer deciles 
being less intensive in physical tasks, more intensive in ICT use at work, and higher internet connectivity 
at home. For example, while only 10 percent of workers in the poorest decile have an internet connection 
at home, the corresponding figure for workers in the richest decile is 57 percent. 

The workers who are most vulnerable in terms of their jobs being least amenable to teleworking are the 
informal, the self‑employed, in small firms, living in rural areas, and with 8 years of schooling or less. In 
contrast, formal workers, employers, with at least 14 years of schooling, and in the public sector have 
better chances to do their jobs at home.

Consistent with the evidence for other countries, women in the Dominican Republic have jobs more 
amenable to WFH than men. This is because their jobs are less physically intensive. While women 
have jobs more intensive in face‑to‑face interaction, they are also more likely than men to use ICT at 
work to conduct those interactions. Accordingly, they are more likely to have internet connectivity at 
home. However, there are at least three important caveats. These estimates do not consider the role of 
essential sectors or the fact that women in the Dominican Republic are more likely to be the caregivers 
at home. Accordingly, they do not consider the fact that while health and social services jobs are on 
average more amenable to working from home, several of these workers are the most likely to be 
working outside the home during the pandemic. These three factors may shift the gender patterns in 
the amenability to WFH. 

Finally, the sectors less amenable to working from home are agriculture, construction, hotels and restau‑
rants, and commerce. In contrast, jobs in finance, real estate, and public administration are more prone 
to be done at home. 
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2.4 GENDER

Gender gaps in the labor market of the Dominican Republic have been shrinking, but important 
challenges remain. Women’s labor force participation and employment rates have increased significantly in 
the Dominican Republic, especially since 2009 (Figure 11). This helped reduce the gender gap significantly, 
since men’s outcomes have been stable during this period. According to these dimensions, gender gaps in the 
Dominican Republic are at about the average for Latin America and the Caribbean, including comparator countries 
(Figure 12, and World Bank 2020). However, several indicators suggest that gender inequities are still important. 
For example, while women represent 65 percent of college enrollment and 80 percent of those who graduate 
with honors, they continue to be overrepresented among those with poorer job outcomes (World Bank 2018b).

The gender gap in earnings is stubbornly rigid, despite significant changes in the labor market’s gender 
balance. The raw gender pay gap (that is, the simple difference between hourly earnings across genders) in terms 
of hourly earnings has remained stable since 2000, hovering between 6 and 16 percent (Figure 23). However, 
when accounting by the fact that employed women tend to have higher levels of education than men, the 
gender earnings gap increases to about 23 percent in 2018. This gap has also been stable since 2000, as the 
confidence intervals tend to overlap, and no clear trend emerges. A simple Oaxaca‑Blinder decomposition shows 
that while the higher levels of education of women contributes to reduce the gender gap, the disproportionate 
concentration of women in lower‑paid sectors (such as domestic service) contributes to widen it. 

While male tertiary graduates are slightly more likely to participate and have a job than their less 
educated counterparts, tertiary education is associated with significantly better women’s labor market 
outcomes. As seen in Figure 24, while tertiary educated men are about 6.6 percentage points more likely to 
have a job than their peers without schooling, the corresponding figure for women is 34.4 percentage points. 
This is a large magnitude considering that the female employment rate is only about 48.6 percent. While it is 
important that education pays off in terms of better labor market outcomes, its different role across genders 
also shows that women with low to medium levels of education do not have many opportunities in the labor 
market. In other words, the employment gender gap is very narrow for people with high levels of education, 

FIGURE B.4.1
Jobs amenability to WFH by household per capita income deciles

1 2 3 4 5 6 7 8 9 10

WFH index (left axis) Home Internet (right axis)

0

10

20

30

40

50

60

70

H
o

m
e 

In
te

rn
et

 (
p

er
ce

n
ta

g
e 

p
o

in
ts

)

–0.6

–0.4

–0.2

0

0.2

0.4

0.6

0.8

W
FH

 in
d

ex
 (

st
an

d
ar

d
 

d
ev

ia
ti

o
n

s 
fr

o
m

 t
h

e 
m

ea
n

)

Note: The WFH measure is an index that reflects standard deviations from the average. A higher value indicates more 
amenability to working from home. Home internet measures the fraction of individuals with internet connectivity at home.



33

FIGURE 23
Hourly earnings gender gap
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Source: Own elaboration based on the ENFT 2000–2016 and ENCFT 2017–2018.

Note: Each bar shows the difference in the log earnings between men and women. The red dots show the coefficient associated with 
a dummy variable equal to one if the respondent is female, from a regression of log hourly earnings including, as control variables, 
education, age, sector, type of employer, geographic area, and formal status. The dotted lines are the 95 percent confidence intervals.

FIGURE 24
Correlates of labor market status

Individual age

Primary incomplete
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Some tertiary / post-secondary
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Number of elderly
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Source: Own estimates using the Job Diagnostic Supply tool and ENCFT 2018.

Note: Each dot shows the marginal effect of the corresponding characteristic on the probability of being employed, unemployed or out 
of the labor force. The horizontal lines are the 95 percent confidence intervals.



34

but it is very large for those that did not graduate from college. More specifically, while college educated men 
and women have employment rates of 90 and 79 percent, respectively, those figures are 85 and 51 percent for 
their counterparts with primary education.

While men have higher employment rates and work more hours weekly according to most statistics, 
the latter do not capture well the amount of unpaid work that relies on women. According to a time‑use 
survey conducted in 2016, women allocate more than 31 hours (or 61 percent of their work hours) to unpaid 
work per week, while men allocate only 9.6 (or 21 percent of their work hours) to unpaid work.9 When adding 
up the number of paid and unpaid working hours per week, women work 4 hours more than men, which is 
equivalent to about 8.6 percent of men’s working hours. The fraction of unpaid working hours for women 
in the Dominican Republic is slightly above the average for the Latin America and the Caribbean region. The 
number of unpaid working hours by women (and the gap with men) does not vary significantly with educational 
attainment, that is, it is high even for women whose opportunity cost of unpaid work is high (as measured by 
foregone paid work hours). One key factor associated with a large gender gap in unpaid work is having children 
in the household. That is, most of the time allocated to family care responsibilities relies on women. While the 
gender gap in family care responsibilities tends to decline with income, it is still high for households in the highest 
socioeconomic status. These patterns of gender‑biased unpaid work reflect views regarding not only the role of 
women in the household, but also in the labor market. In countries where anti‑egalitarian views regarding gender 
roles are more common, women employment rates are lower and gender pay gaps are wider (Fortin 2005).

Teenage pregnancy in the Dominican Republic is one of the highest in the world and may contribute 
to poor human capital accumulation and labor market outcomes. In 2018, there were 93 births per 1,000 
women ages 15 to 19 years in the Dominican Republic. This number is not only high in absolute terms, but also 
when compared to countries at the same level of development (Figure 25a). This figure has declined since 2000, 
but the gap with other countries in the region has not shrunk (Figure 25b). More importantly, teenage pregnancy 
is highly linked to exclusion and poverty in the Dominican Republic. According to the Demographic and Health 
Survey (DHS) 2013, more than one‑third (35.1 percent) of teenagers in the poorest quintile had children or were 
pregnant at the time of the survey (Centro de Estudios Sociales y Demográficos 2013). That fraction was 8.7 
percent for the richest quintile. Accordingly, about half of teenagers with at most fourth grade education had 
a child or is pregnant, while that faction is 8.6 for those with tertiary education. Teenage pregnancy is higher 

9 ONE and Ministerio de la Mujer 2016.

FIGURE 25
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in rural areas, but the gap is smaller than that by education or wealth. Empirical evidence for other countries 
shows that teenage pregnancy is associated with a host of negative economic outcomes later in life, including 
lower levels of education and poorer labor market outcomes.10 This association between teenage pregnancy 
and poverty in the Dominican Republic may contribute to perpetuate the vicious cycle of poverty, lack of human 
capital, and poor labor market outcomes. In addition to these negative impacts on mothers, teenage motherhood 
can increase fiscal pressures by increasing dependence on social assistance income, health‑related costs both in 
prevention and health‑care provision, costs of prevention programs, among other items (Azevedo et al. 2012).

2.5 MIGRATION

The Dominican Republic is both a migrant‑sending and migrant‑receiving country. There were almost 
600,000 immigrants in the Dominican Republic in 2017, representing 5.6 percent of the total population 
(ENI 2017). When adding up those of immigrant descent, the numbers rise to about 850,000 (8.4 percent 
of the population). Most of the immigrant population were born in Haiti. There is a very sharp labor market 
segmentation across immigrants and non‑immigrants. While Haitian immigrants have employment rates higher 
than that of Dominicans, the quality of their jobs is worse. Even when controlling for other factors, Haitians 
earn significantly lower wages than Dominicans (Carneiro and Sirtaine 2017). About 68.4 percent of immigrant 
workers are concentrated in only three economic sectors, all of which tend to be more informal, such as 
agriculture, construction, and commerce, while only 36.6 percent of non‑immigrant workers are in those sectors. 
In addition to being less skilled than the non‑immigrant population and having language barriers, the foreign‑
born (and their children) are unlikely to have the necessary documents to be eligible for a formal job (Carneiro 
and Sirtaine 2017). In 2017, only 5.6 percent of the population born in Haiti had a Dominican identification 
card (ENI 2017).11 However, due to a large effort to extend legal residence since 2013, 30.7 percent of Haitian 
immigrants had a registration card (Carnet de regularización para extranjeros o estiquer) by 2017. Nevertheless, 
while immigrants have equal rights to the native‑born in many aspects, actual access to many services are not 
the same across both groups. For example, Haitian‑born immigrants are less likely to have access to health or 
education (OECD/ILO 2018). Accordingly, while immigrants can have access to the social security system, only 
in 2016 the government started to provide alternative documentations so that they can actually be included in 
the system. As a result, the enrollment of Haitians in the system increased dramatically, although their absolute 
numbers are still very low, of about 6,300 in 2017 (INM 2017).

While there have been concerns about the impacts of immigration on the labor market outcomes of 
the local population, the evidence does not support such concerns. Given the high level of labor market 
segmentation, Dominicans’ labor market outcomes are not responsive to changes in the share of immigrants 
in the local area. Sousa, Sanchez, and Baez (2017) find that even unskilled Dominican men—who are more 
likely to compete directly with Haitian workers—are not affected in terms of lower wages. In contrast, they find 
evidence consistent with a scale or efficiency effect, as the presence of Haitian labor may help firms increase 
output and thereby the wages of unskilled Dominican workers. 

In contrast to the skills profile of immigrants, Dominican emigrants tend to be more skilled than the 
local population. Almost 1.2 million Dominicans lived in the United States in 2018, and more than 400,000 in 
other countries in 2016 (World Bank 2018b).12 Among those living in the United States, almost two‑thirds had 
complete secondary education or higher, compared to just 40 percent of Dominicans living in the Dominican 
Republic. This may suggest that there is a weak local demand for the skills of a large share of the population 
in the Dominican Republic.

10 Azevedo et al. (2012) argues that estimating the impacts of teenage pregnancy is challenging because of several omitted variables 
and endogeneity issues. However, some papers address these issues using natural experiments or econometric techniques. See, 
for example, Ashcraft, Fernández‑Val, and Lang (2013); Fletcher and Wolfe (2009); and Kane et al. (2013) for the United States; 
Arceo‑Gómez and Campos‑Vázquez (2014) for Mexico; and Berthelon and Kruger (2012) for Chile.
11 Dominican identification cards include birth certificate, ID card (celula de identidad Dominicana para Dominicanos y para extranjeros), 
and Dominican Passport.
12 The data for 2018 come from the Migration Policy Institute (MPI) Data Hub https://www.migrationpolicy.org/programs/
migration‑data‑hub.

https://www.migrationpolicy.org/programs/migration-data-hub
https://www.migrationpolicy.org/programs/migration-data-hub
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The outflows of Dominicans abroad also affect the Dominican Republic labor market through remittances. 
These increased dramatically since 2000, from about US$1.8 to 6.8 billion (current US$) in 2018, representing 
about 8 percent of GDP. Remittances are an important source of income for many Dominican households. In 
fact, moderate and extreme poverty would increase about 2–3 and 1–2 percentage points, respectively, in the 
absence of remittances (World Bank 2018b). However, they may also have the unintended consequence of 
raising the reservation wage and weakening the incentives to look for a job. In 2018, women and men living in 
households that receive remittances were 6 and 10 percent less likely to be working or looking for a job (Figure 
26). These negative associations between receiving remittances and labor market outcomes was stronger for 
those who did not complete high school and were in the 25–54 years age group. While they do not necessarily 
prove that remittances have a causal effect on employment and labor market participation, these findings do 
raise concerns about the more limited labor market engagement of remittance‑recipient households. 

CONCLUSION

While the quantity of jobs is in line with the employment rates observed in other countries, the Dominican 
Republic is lagging in terms of the quality of jobs. Real wages are stagnant, informality is stubbornly high, gender 
gaps are pervasive, and jobs are intensive on the skills of the past.

Real wages in 2018 were lower than in 2000. Informality is very high, with 58 percent of workers not contributing to 
a pension fund. These workers tend to be low skilled and in small firms. Labor market gender gaps are large. While 
female labor force participation increased, the wage gender gap remained stagnant. While women work fewer 
hour than men outside the house, they work substantially more unpaid hours, mostly on childcare. When analyzing 
the type of tasks that Dominicans carry out at work and benchmark them against other countries, they are mostly 
focused on routine tasks that are more prone to be automated with new technologies. In contrast, the Dominican 
Republic lags countries at the same level of development in terms of the sophistication of the tasks that workers 
undertake. For example, jobs in the Dominican Republic are not intensive in cognitive or interpersonal skills that 
complement new technologies. High immigration rates and low inclusivity of migrants in the labor market resulted 
in a dual structure that is not conducive to leveraging labor market complementarities of natives and immigrants.

FIGURE 26
Remittances and labor market outcomes, 2018
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Source: Own estimates based on data from ENCFT 2018.

Notes: Each bar shows the marginal effects associated with a dummy variable equal to one if the individual lives in a household that 
receives remittances. All coefficients are statistically significant at significance level of at least 10 percent, except for college graduates. 
The regression output is displayed in Table AA.5. 
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ANNEX A. ADDITIONAL TABLES
TABLE AA.1

Correlates of informality

(1) (2) (3)

Informal Sector Informal Employment
Informal employment 

in informal sector

Education (omitted: Primary incomplete)

Primary complete –0.0383*** –0.0202 –0.0377***

(0.0127) (0.0125) (0.0127)

Secondary incomplete –0.0688*** –0.0522*** –0.0676***

(0.0116) (0.0115) (0.0117)

Secondary complete –0.0981*** –0.0882*** –0.0985***

(0.0107) (0.0106) (0.0107)

Tertiary incomplete –0.137*** –0.115*** –0.137***

(0.0133) (0.0131) (0.0133)

Tertiary complete –0.153*** –0.165*** –0.151***

(0.0130) (0.0128) (0.0130)

Age (omitted: 15–24 years)

[25,40] 0.0316*** –0.0113 0.0328***

(0.00999) (0.00988) (0.0100)

[41,64] 0.0566*** –0.00754 0.0588***

(0.0104) (0.0102) (0.0104)

Men 0.0277*** 0.00764 0.0268***

(0.00815) (0.00805) (0.00818)

Urban 0.0154 –0.000944 0.0148

(0.00970) (0.00959) (0.00973)

Regions (omitted: Ozama)

Cibao Norte –0.0331*** –0.0514*** –0.0331***

(0.0102) (0.0100) (0.0102)

Cibao Sur 0.00498 –0.0406*** 0.00490

(0.0143) (0.0142) (0.0144)

Cibao Nordeste 0.00149 –0.0492*** 0.000854

(0.0151) (0.0149) (0.0151)
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(1) (2) (3)

Informal Sector Informal Employment
Informal employment 

in informal sector

Cibao Noroeste 0.0133 0.00663 0.0156

(0.0184) (0.0182) (0.0184)

Valdesia –0.0302** 0.0126 –0.0279**

(0.0126) (0.0125) (0.0126)

El Valle –0.0296 0.0102 –0.0306

(0.0228) (0.0225) (0.0229)

Enriquillo 0.0157 0.0386** 0.0181

(0.0197) (0.0195) (0.0198)

Higuamo –0.0274* –0.0375** –0.0254

(0.0162) (0.0160) (0.0162)

Yuma –0.118*** –0.0995*** –0.117***

(0.0140) (0.0138) (0.0140)

Sector (omitted: Agriculture)

Fishing 0.0387 0.0418 0.0407

(0.0756) (0.0747) (0.0759)

Mining and quarrying –0.199** –0.174** –0.199**

(0.0835) (0.0826) (0.0838)

Manufacturing –0.127*** –0.0820*** –0.128***

(0.0174) (0.0172) (0.0175)

Electricity, gas and water supply –0.295*** –0.143*** –0.295***

(0.0320) (0.0316) (0.0321)

Construction 0.0329* 0.0392** 0.0351**

(0.0170) (0.0168) (0.0171)

Wholesale and retail trade –0.0902*** –0.0460*** –0.0903***

(0.0152) (0.0150) (0.0152)

Hotels and restaurants –0.139*** –0.0889*** –0.140***

(0.0184) (0.0182) (0.0185)

Transport, storage and communications –0.0405** –0.0235 –0.0409**

(0.0175) (0.0173) (0.0175)

Financial intermediation –0.224*** –0.188*** –0.223***

(0.0254) (0.0251) (0.0255)

Real estate, renting and business activities –0.296*** –0.223*** –0.299***

(0.0217) (0.0215) (0.0218)
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(1) (2) (3)

Informal Sector Informal Employment
Informal employment 

in informal sector

Public administration and defense –0.205*** –0.149*** –0.205***

(0.0215) (0.0213) (0.0216)

Education –0.190*** –0.143*** –0.192***

(0.0211) (0.0208) (0.0211)

Health and social work –0.282*** –0.199*** –0.283***

(0.0228) (0.0225) (0.0229)

Other services –0.146*** –0.0850*** –0.146***

(0.0177) (0.0175) (0.0178)

Extraterritorial organizations and bodies –0.256 –0.341 –0.255

(0.451) (0.445) (0.452)

Firm size (omitted: 1–10 workers)

11 to 19 –0.636*** –0.589*** –0.635***

(0.0139) (0.0137) (0.0139)

20 to 30 –0.671*** –0.683*** –0.669***

(0.0156) (0.0155) (0.0157)

31 to 50 –0.677*** –0.699*** –0.674***

(0.0165) (0.0163) (0.0165)

51 to 99 –0.685*** –0.709*** –0.683***

(0.0200) (0.0198) (0.0201)

100+ –0.681*** –0.738*** –0.678***

(0.0119) (0.0117) (0.0119)

Constant 0.900*** 0.985*** 0.896***

(0.0192) (0.0190) (0.0193)

Observations 7,824 7,824 7,824

R-squared 0.639 0.643 0.636

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on ENCFT 2018.

Note: OLS estimates. Each coefficient is the marginal effect of the corresponding variable on the likelihood of being in the informal sector 
(column 1), employment (column 2) or both (column 3). 
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TABLE AA.2
Earnings equation, 2018

(1) (2) (3) (4) (5) (6) (7)

Dependent variable: Log (hourly earnings)

Salaried Workers
Self-employed 
and Employers

Informal sector –0.316*** –0.0477 –0.101*** 0.0403 –0.417***

(0.0272) (0.0365) (0.0304) (0.0369) (0.0594)

Informal employment –0.346*** –0.334*** –0.194*** –0.214***

(0.0215) (0.0308) (0.0264) (0.0323)

Firm size (omitted: 1–10 workers)

11 to 19 0.190*** 0.150*** 0.156***

(0.0307) (0.0305) (0.0310)

20 to 30 0.266*** 0.210*** 0.215***

(0.0340) (0.0343) (0.0347)

31 to 50 0.421*** 0.363*** 0.369***

(0.0357) (0.0360) (0.0364)

51 to 99 0.314*** 0.255*** 0.260***

(0.0423) (0.0426) (0.0429)

100+ 0.463*** 0.399*** 0.404***

(0.0287) (0.0296) (0.0299)

Complete primary 0.164*** 0.143*** 0.164*** 0.155*** 0.155*** 0.157*** 0.0888**

(0.0370) (0.0321) (0.0365) (0.0362) (0.0360) (0.0360) (0.0391)

Incomplete secondary 0.225*** 0.184*** 0.220*** 0.221*** 0.218*** 0.219*** 0.109***

(0.0340) (0.0299) (0.0335) (0.0334) (0.0332) (0.0332) (0.0360)

Complete secondary 0.329*** 0.276*** 0.311*** 0.309*** 0.298*** 0.300*** 0.246***

(0.0309) (0.0272) (0.0305) (0.0302) (0.0301) (0.0301) (0.0344)

Incomplete tertiary 0.503*** 0.442*** 0.478*** 0.462*** 0.451*** 0.453*** 0.355***

(0.0352) (0.0322) (0.0348) (0.0346) (0.0344) (0.0344) (0.0519)

Complete secondary 1.152*** 1.074*** 1.112*** 1.099*** 1.081*** 1.082*** 0.632***

(0.0341) (0.0314) (0.0338) (0.0336) (0.0335) (0.0335) (0.0520)

25–54 years 0.286*** 0.253*** 0.258*** 0.238*** 0.228*** 0.228*** 0.223***

(0.0241) (0.0229) (0.0239) (0.0238) (0.0238) (0.0238) (0.0399)

55–64 years 0.455*** 0.403*** 0.414*** 0.387*** 0.371*** 0.372*** 0.286***

(0.0269) (0.0253) (0.0268) (0.0268) (0.0267) (0.0267) (0.0392)
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(1) (2) (3) (4) (5) (6) (7)

Dependent variable: Log (hourly earnings)

Salaried Workers
Self-employed 
and Employers

Woman –0.157*** –0.108*** –0.147*** –0.118*** –0.119*** –0.117*** –0.414***

(0.0202) (0.0184) (0.0200) (0.0200) (0.0198) (0.0199) (0.0327)

Urban –0.123*** –0.128*** –0.131*** –0.127*** –0.129*** –0.131*** –0.0587*

(0.0272) (0.0241) (0.0269) (0.0266) (0.0264) (0.0264) (0.0311)

Cibao Norte –0.0569** –0.0637*** –0.0632** –0.0368 –0.0441* –0.0445* 0.269***

(0.0259) (0.0241) (0.0256) (0.0253) (0.0252) (0.0252) (0.0361)

Cibao Sur –0.103*** –0.133*** –0.123*** –0.0835** –0.0988*** –0.100*** 0.108**

(0.0377) (0.0340) (0.0372) (0.0367) (0.0365) (0.0366) (0.0482)

Cibao Nordeste –0.178*** –0.240*** –0.208*** –0.130*** –0.154*** –0.156*** –0.0253

(0.0443) (0.0391) (0.0437) (0.0432) (0.0431) (0.0431) (0.0471)

Cibao Noroeste –0.0443 –0.0557 –0.0382 –0.0183 –0.0168 –0.0170 0.273***

(0.0515) (0.0478) (0.0507) (0.0503) (0.0501) (0.0501) (0.0586)

Valdesia –0.154*** –0.0652** –0.121*** –0.127*** –0.113*** –0.110*** –0.109***

(0.0342) (0.0305) (0.0338) (0.0336) (0.0335) (0.0335) (0.0425)

El Valle –0.0768 –0.0815 –0.0369 –0.0102 0.00332 0.00728 –0.161**

(0.0730) (0.0672) (0.0720) (0.0708) (0.0704) (0.0705) (0.0702)

Enriquillo –0.167*** –0.145*** –0.124** –0.1000* –0.0826 –0.0793 –0.327***

(0.0620) (0.0564) (0.0613) (0.0605) (0.0601) (0.0602) (0.0605)

Higuamo –0.152*** –0.152*** –0.152*** –0.132*** –0.135*** –0.135*** –0.254***

(0.0420) (0.0384) (0.0414) (0.0408) (0.0406) (0.0406) (0.0586)

Yuma 0.121*** 0.0962*** 0.119*** 0.138*** 0.131*** 0.134*** 0.0561

(0.0348) (0.0320) (0.0343) (0.0339) (0.0337) (0.0337) (0.0515)

Industry low tech –0.0575 –0.172*** –0.0511 –0.0998* –0.0957* –0.0912 –0.0467

(0.0577) (0.0435) (0.0569) (0.0564) (0.0560) (0.0561) (0.0887)

Industry high tech 0.0608 –0.0673 0.0658 0.0273 0.0329 0.0354 0.354***

(0.0596) (0.0456) (0.0588) (0.0583) (0.0579) (0.0580) (0.0723)

Construction 0.246*** 0.119** 0.243*** 0.179** 0.181*** 0.185*** 0.376***

(0.0717) (0.0602) (0.0707) (0.0702) (0.0697) (0.0699) (0.0447)

Commerce –0.0633 –0.174*** –0.0459 –0.0406 –0.0372 –0.0328 0.157***

(0.0495) (0.0316) (0.0488) (0.0481) (0.0477) (0.0479) (0.0438)

Utilities and transport –0.00261 –0.114*** 0.00856 –0.0394 –0.0343 –0.0288 0.155***

(0.0571) (0.0423) (0.0563) (0.0556) (0.0550) (0.0553) (0.0472)
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(1) (2) (3) (4) (5) (6) (7)

Dependent variable: Log (hourly earnings)

Salaried Workers
Self-employed 
and Employers

Skilled services 0.0364 –0.0828** 0.0400 0.0688 0.0637 0.0688 0.669***

(0.0557) (0.0402) (0.0549) (0.0544) (0.0539) (0.0541) (0.0722)

Public sector 0.112** –0.0207 0.0968* –0.00817 –0.0108 –0.00596

(0.0561) (0.0410) (0.0554) (0.0551) (0.0546) (0.0548)

Education and health –0.0691 –0.186*** –0.0522 –0.0529 –0.0516 –0.0460 0.0845*

(0.0514) (0.0324) (0.0507) (0.0501) (0.0495) (0.0498) (0.0513)

Special Economic Zone –0.0619 –0.118** –0.107** –0.234*** –0.245*** –0.245***

(0.0479) (0.0466) (0.0474) (0.0487) (0.0484) (0.0484)

Constant 4.050*** 4.270*** 4.129*** 3.836*** 3.927*** 3.917*** 4.497***

(0.0564) (0.0457) (0.0561) (0.0572) (0.0574) (0.0581) (0.0835)

Observations 4,003 4,488 4,003 3,908 3,908 3,908 3,457

R–squared 0.413 0.419 0.430 0.460 0.465 0.466 0.255

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on ENCFT 2018.

Note: OLS estimates. All specifications control for educational attainment, gender, location, sector, age, and occupation.
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TABLE AA.3
Changes in the skill content of jobs 2000–2016, Oaxaca decomposition
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3. LABOR DEMAND

This chapter provides new evidence on patterns of job creation and labor market bottlenecks in the Dominican 
Republic from the firms’ side. Thereby, it helps fill an important knowledge gap in our understanding of the 
Dominican Republic’s labor market. It shows that the jobs landscape in the formal sector is highly dominated by 
large and old firms. New entrants and young firms play a negligible role, despite contributing disproportionately 
to productivity and wage growth. While productivity increases with the size of the firm, the average wages 
they pay do not. Thus, the evidence provided in this chapter may help provide new insights on the disconnect 
between productivity and wages in the Dominican Republic.

INTRODUCTION 

This chapter reviews the structure of jobs in the formal business sector based on data from the Direccion General 
de Impuestos Internos (DGII) and the Tesoreria de la Seguridad Social (TSS) for the Dominican Republic, and 
other complementary datasets from comparator countries that serve as benchmarks. The analysis only covers 
enterprises that are formally registered, which represents a limited subset of all enterprises in the Dominican 
Republic. However, the formal sector plays an important role in wage‑based employment, which represents the 
most promising source of good jobs in the long run.

Wage employment in the formal sector of the economy is determined by the entry and growth of firms. Profit‑
maximizing firms will only hire workers up to the point where their estimated marginal productivity equals marginal 
cost (wages and benefits). The existence of business opportunities and the ability of entrepreneurs and investors 
to finance investments and appropriate the returns are important determinants of these dynamics. Labor market 
distortions, on the other hand, both policy‑induced and from market failures, can lead to market segmentation 
or otherwise interfere with the labor market’s efficient allocation of resources, and thereby hamper job growth. 
Chapter 3 begins by presenting a profile of the formal sector enterprises in the Dominican Republic, followed 
by an analysis of the determinants of employments, wages, and productivity. Attention here focuses on whether 
firms and workers appear to be responding to market signals in a competitive manner or show signs of rigidity 
that could be linked to market distortions or protectionist policies.

3.1 DEMOGRAPHY OF FIRMS

Job dynamics in the private formal sector of the Dominican Republic are dominated by old and large 
firms. Almost half of all jobs in the formal private sector are in firms 11 years or older and with at least 100 
employees (Figure 27a). These firms represent less than 3 percent of the total number of firms in the formal 
private sector. In contrast, only about 14 and 17 percent of jobs are in formal younger firms ages 5 years or 
lower and in formal firms with 19 employees or lower, respectively. When compared to other countries, the 
concentration of jobs in old and large firms in the Dominican Republic becomes even more disproportionate. 
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For example, the concentration of employment in this group of firms is about 20 percent in Turkey and Georgia, 
and 34 percent in Vietnam.13

The concentration of employment in old and large firms exacerbated since 2007. The 2008–2009 financial 
crisis increased the share of employment in larger firms even more, as lack of access to finance tends to affect 
smaller firms disproportionately (Figure 28a). Since 2009, however, the fraction of employment accounted by 
firms with at least 500 employees remained rather stable. Employment became increasingly concentrated in older 
firms since 2007 (Figure 28c). While young firms ages 5 years or less accounted for 18 percent of employment 
in 2007, that figure was 11 percent in 2018. These estimates suggest that the entry and growth of new firms 
plays a very limited role in the process of job creation in the formal private sector in the Dominican Republic.

The large concentration of employment in small firms in the informal sector together with the negligible 
share of employment in small and young firms in the formal sector suggests that the barriers to 
formalization are high. As shown in Chapter 2, about half of the jobs in the Dominican Republic are in the 
informal sector, that is in firms that are not registered with the tax authority or do not follow formal accounting 
procedures. These firms tend to be small. Informality is often a symptom of low productivity and low wages, 
but it is also part of a vicious cycle. High informality could reflect that the benefits associated with paying taxes 

13 Data for Jordan, Moldova, and Bangladesh also show a smaller concentration of formal employment in large and old firms, from 15 
percent in Bangladesh, to about 28 in Jordan, and 40 percent in Moldova.

FIGURE 27
Distribution of formal employment by size and age of the firm
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or social security contributions are low. At the same time, high informality reduces the tax base and the viability 
of social insurance systems, which can result in a lower quantity and quality of public goods and services. This 
is particularly important in the Dominican Republic, where fiscal space is limited (Mele 2017).

3.2 FIRM DYNAMICS

The role of firm entry as a driver of labor demand is weak in the Dominican Republic. As shown above, 
the number of jobs in young firms represents a small and slightly declining share of total employment in the 
formal sector. In fact, the Dominican Republic ranks poorly in terms of the relative number of new businesses 
when compared to other countries. In a sample of 160 countries, the Dominican Republic ranks 86 position in 
terms of new business registrations per 1,000 working‑age people (Figure 29). While the Dominican Republic 
has about 1.5 new registrations per 1,000 people ages 15 to 64, the figures for Panama and Costa Rica are 4.8 
and 2.6, respectively. 

Not only entry but also the size of the new entrants matter for job creation. In the Dominican Republic, 
the average new firm in 2018 had 6.9 employees, about 23 percent of the number of employees of incumbent 
firms. However, there is substantial variation across firm types (Figure 30). While new firms in the least productive 
quartile were about 39 percent the size of incumbents, that fraction was only 15 percent among the most 
productive quartile. In other words, the more productive entrants create relatively less jobs than the less productive 
ones. Accordingly, the relative size of new firms is higher among those with a less skilled labor force, more labor 
intensive and less capital intensive.

FIGURE 28
Firm and employment distribution by size and age
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FIGURE 29
New business density across the world, 2018
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BOX 5. MAIN FIRM-LEVEL DATASET USED IN THIS REPORT

The main firm‑level dataset used in this section is a random 10 percent sample of the population of firms 
registered in the tax authority administration (DGII). The sample covers the years 2007 to 2018, and 
the firms were randomly and independently selected with a 10 percent probability each tax year. Since 
most firms are observed only one year, in most cases the data is analyzed as repeated cross‑sections. The 
number of firms selected is large in principle, starting at 5,181 firms in 2007 to 9,066 in 2018. However, 
since many firms do not report number of employees and other key variables, the number of firms per 
year is about 1,000. In some cases, we do take advantage of the fact that some firms are observed in 
consecutive years, to understand some of the drivers of productivity, wage, and employment growth.

We also complement the DGII dataset with individual‑level data from the Social Security Administration 
(TSS), by linking them to the firm listed in the DGII data and thereby creating an employer‑employee 
matched dataset. The individual‑level data contains the gender, age, and salary of all employees in the firm. 

The dataset allows to analyze entry of new businesses because it contains the date that the firm was 
established. It would, in theory, also allow for the analysis of exit because it contains the date of disso‑
lution of each company, but this variable does not produce consistent results.

The data have some limitations. First, it does include the informal sector. However, while the latter 
represents a sizeable share of the Dominican Republic economy, empirical evidence shows that processes 
of growth and development come from the creation of highly productive formal firms (La Porta and 
Shleifer 2008). Second, given the large number of observations with missing values for variables that 
are critical to measure productivity, we define labor productivity as sales per worker, instead of as value 
added per worker.

Given the limited role of firm entry as a driver of job creation in the Dominican Republic, it is incumbents 
who play a more important role as drivers of labor demand. As seen in Figure 31, older firms create 
more jobs than younger ones. In particular, the net job creation of firms ages 20 years or more is 16.3 percent 
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higher than that of firms 5 years or younger. More productive incumbent firms create more jobs than their less 
productive counterparts. For example, those in the highest productivity quartile create 16.8 percent more jobs 
than those at the bottom of the productivity distribution. Firms with 20 to 499 employees create less jobs than 
their smaller and larger peers. In other words, when comparing firms by size, the ones that contribute the most 
to job creation are those with 19 employees or less, or with 500 employees or more.

FIGURE 30
Relative employment size of new firms
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Source: Own estimates based on data from DGII and TSS.

Note: Each bar is the number of employees of firms entering the market as a share of the average number of employees of incumbent 
firms in the same productivity, skill, labor, and capital intensity bracket, respectively. Productivity is measured as sales per worker; low‑skill 
(high‑skill) firms are those where at least 10 percent of the staff earns wages above the national median; labor intensity is the ratio of the 
wage bill to sales; capital intensity is the ratio of the value of fixed assets to sales. 

FIGURE 31
Correlates of net job creation among incumbent firms
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3.3 PRODUCTIVITY

When comparing firms with the same age, wages, and productivity by firms’ size follow divergent 
paths. Firms with the highest levels of labor productivity—measured in this case as sales per worker—are larger 
and older (Figure 32). In particular, firms with at least 100 employees or created at least 20 years ago have 
levels of sales per worker about 63 and 109 percentage points higher than firms in the smallest and youngest 
group, respectively. Average wages at the firm level also tend to increase with the age of the firm, almost by 
the same percentage than productivity. However, while firms with 20 to 99 employees pay average wages 28 
percentage points higher than firms with less than 20 employees, the wage premium associated with larger 
firms is significantly lower than the productivity premium. This is surprising considering that the worker‑level 
data analyzed in Chapter 2 indicated that wages paid by firms with at least 100 employees were higher than 
those paid by smaller firms. However, the firm‑level results are different because they control for firms’ age. 
Since older firms tend to be larger as well, both effects are confounded in the individual‑level data. 

In the Dominican Republic, younger and larger firms have experienced larger productivity gains 
since 2012. Firms with 100 to 499 employees experienced labor productivity growth about 20 percent higher 
than firms with less than 10 employees (Table AB.5, column 6). In contrast, the contribution to productivity 
growth has a negative relationship with firms’ age, as older firms experienced significantly weaker productivity 
growth than younger ones. More specifically, firms ages 6 to 9 years experienced productivity growth about 
17 percent lower than firms ages 5 years or younger. Firms aged at least 20 years had productivity growth 
about 32 percent lower than the youngest age group. 

Productivity growth is strongly associated with wage growth at the micro level. Between 2012 and 
2018, A 1 percent increase in productivity is associated with a 0.45 percent increase in average wages at the firm 
level (Table AB.4, column 6). Given that larger and younger firms are those who experienced higher productivity 
growth during this period (Table AB.5, column 6), they also made the largest contributions to wage growth.

Productivity matters for long‑term economic growth, but also has implications for wage inequality. As 
it is the case in other countries, wage differentials across firms are a more important driver of wage inequality 
than individual characteristics such as gender, age, and area of residence. As seen in Figure 33, almost a third 

FIGURE 32
Correlates of productivity and wage levels, 2012–2018
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Note: Coefficients associated with size and age dummy variables, using the transformation to be expressed in percentage points (that is, 
(eβ–1) × 100). All are statistically significant at the 1 percent level. Full regression output can be found in Table AB.3, columns 2 and 4. 
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of the wage inequality of formal workers in the Dominican Republic is explained by inequality in the average 
wage paid by firms. Inequality in wages paid across sectors of economic activity and across firms with different 
productivity levels explain almost a quarter of the individual wage inequality. Given that wage and productivity levels 
go hand in hand, this means that more productivity dispersion across firms is related to higher wage inequality. 

There is vast literature arguing that productivity dispersion is often a symptom of inefficiencies, where 
not all firms have access to the same prices and resources are not efficiently allocated across them 
(Cusolito and Maloney 2018). For example, if firms with good prospects with regard to productivity growth and 
job creation do not have access to finance. In the Dominican Republic, Azuero et al. (2019) show that economic 
distortions increased dramatically since 2007. They claim that younger and smaller firms are the most affected 
by these distortions and that the potential gains from removing such distortions are very high. In particular, the 
Dominican Republic would increase its Total Factor Productivity (TFP) by more than threefold. 

3.4 BUSINESS ENVIRONMENT

According to the Doing Business 2020 indicators, the Dominican Republic ranks 115 out of 190 countries 
in the overall ease of doing business. This places the Dominican Republic among the weaker performers of 
the comparator countries in Latin America and the Caribbean (Figure 34). The Dominican Republic occupies a 
similar position in the Global Competitiveness Index (GCI) rankings, with an overall ranking of 78 out of 141 
countries that also places it near the bottom of the range of comparator country rankings.14 The areas where the 
Dominican Republic ranks relatively worse with respect to comparator countries are getting electricity, getting 
credit, protecting minority investors, and resolving insolvency.

14 The World Bank’s Doing Business indicators are based on assessments by various national and international experts of a country’s 
legal and regulatory environment as they apply to the opening and operation of local firms. The GCI, prepared by the World Economic 
Forum and organized under 12 pillars, is built on various statistical indicators thought to be associated with a country’s productivity and 
long‑term prosperity, and obtained from either national or international (for example, IMF, World Bank, United Nations Development 
Programme [UNDP]) sources.

FIGURE 33
Wage inequality decomposition, 2018
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Unreliable access to electricity may have important impacts on the business environment. As mentioned 
above, the Dominican Republic ranks 116 in the Doing Business category getting electricity. Comparator countries 
rank significantly better according to this dimension. According to GCI 2019, the Dominican Republic ranks 90 and 
79 out of 141 countries, in the level of access and quality of electricity supply (Schwab 2019). In fact, according 
to the World Bank Enterprise Surveys, electricity shortages last, on average, 7.4 days in the Dominican Republic 
and 2.1 days in the average Latin American and Caribbean economy. This leads several firms to invest in their 
own electrical infrastructure to compensate for a reliable service. Almost half of formal firms in the Dominican 
Republic own or share a power generator. That fraction is only 26 percent in Latin America and the Caribbean. 
Poor access to electricity affects small firms disproportionately, since the relative losses related to power outages 
decline with the size of the firm. Accordingly, cross‑country evidence suggests that quality upgrading decisions 
of firms are negatively related to electricity sector unreliability (World Bank 2018b).

Limited access to finance may affect firms’ ability to enter the market and grow. Even though the 
Dominican Republic ranks relatively well in access to credit by firms and individuals, interest rates are relatively 
high when compared to countries in the region except Brazil (World Bank 2018b). This may explain why the 
Dominican Republic has the lowest level of domestic credit to the private sector as a share of GDP among 
comparator countries in 2019, at 27.2 percent. In contrast, that figure goes from 50 percent in Colombia to 
116.6 percent in Chile.15 

The Dominican Republic ranks poor in market dominance perceptions. According to the GCI 2019, the 
Dominican Republic ranks 105 out of 141 countries in perceived market dominance. Poor products market 
competition may help explain the lack of sophistication and quality upgrading in the Dominican Republic exports 
(World Bank 2018b). The lack of competition seems particularly severe in the transportation sector. 

The presence of special tax regimes also contributes to the uneven playing field: the Dominican Republic 
ranks 121 on the GCI according to the distortive effects of taxes and subsidies on competition. At the 
end of 2016, there were 8 tax laws that generated tax expenditures, and 31 regulations granting tax exemptions 

15 WDI (https://data.worldbank.org/indicator/FS.AST.PRVT.GD.ZS?locations=DO‑PA‑CR‑BR‑CO‑CL), accessed on May 18, 2020.

FIGURE 34
Doing Business Rankings
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to different sectors and for different reasons (World Bank 2018b). While these regimes have the goal of creating 
new jobs, they also have the consequence of lower tax revenues. According to Mele (2017), each job created in 
the Special Economic Zones (SEZs) costs five times more in terms of foregone tax revenues when compared to 
each job created due to a standard tax regime. Accordingly, the ratio between the fiscal cost of each new job 
and the average wage in the SEZs is 10 to 1, well above the ratio of 7 to 1 in the standard tax regime. Azuero 
et al. (2019) show that larger and older firms are more likely to use the special tax regimes, but they are not 
necessarily the most productive: over a 10‑year period, firms in special tax regimes reported almost no changes 
in size and productivity. These tax regimes also create a bias toward imports and disincentivize the creation of 
backward links between the exporting sector and the rest of the economy. By 2012, the SEZs acquired 81 percent 
of their inputs abroad (World Bank 2017b). The size of the SEZs is very large, they account for 3.3 percent of 
GDP and for 3.8 percent of employment.16 

While the Dominican Republic does not stand out in regional comparisons as having unusually 
high minimum wages, the multiplicity of minimum wages may add distortions in the allocation 
of labor. Figure 35 shows the minimum wage for a representative worker (based on a 19‑year‑old cashier, 
with one year of experience in a grocery store), expressed as a percent of the value added of workers. With 
a minimum wage that is currently around 30 percent of the average value added per worker in the services 
sector, the Dominican Republic ranks among the countries with the lowest rates in the region. At such a 
low level, it appears unlikely that the minimum wage would be binding for many workers in the Dominican 
Republic in the sense of being close to or above the unconstrained market equilibrium wage level. However, 
while the representative minimum wage discussed above does not appear out of line in regional comparisons, 
it is important to recognize that there are at least 12 minimum wages coexisting in the Dominican Republic. 
Institutionally, these minimum wages are periodically set by a National Salary Committee in the Labor Ministry, 
which applies different rates for different sectors, firm sizes, and sometimes institutions. These minimum rates 
can vary by as much as 100 percent. When these rates are adjusted over time, the same rate of adjustment is 
often applied to all in an attempt to preserve the original wage dispersion. This is the case, for example, with 
the general, non‑sector‑specific rate. It distinguishes between large, medium, and small enterprises, which 
were subject to minimum wages of RD$2,895, RD$1,987, and RD$1,757, respectively, in 2000. The same 

16 CNZFE (2018). The share of employment was calculated as the ratio of employment in SEZs (171,726 workers) to the total number of 
employed people (4,539,256) in 2018.
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Minimum wages in Latin America and the Caribbean
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pattern holds for the sector‑specific minimum wages, such as the one for hotels, restaurants, and bars. The 
Free Export Zone is subject to a different minimum wage schedule from that applicable to enterprises under 
the Free Export Zone status located in depressed economic areas. 

CONCLUSION

Large and old firms account for the vast majority of private sector jobs in the Dominican Republic. While this is 
true in other countries as well, it is much more pronounced in the Dominican Republic. The entry of new firms is 
weak, thereby most of the labor market dynamics are driven by incumbents. This is despite the fact that young 
and larger firms are those with the higher levels of productivity growth. Improving productivity is not only crucial 
for efficiency reasons, but also to increase wages and reduce inequality. While the relative low labor costs of the 
Dominican Republic should be an important factor to facilitate the entry and growth of new firms, other issues 
such as distortionary tax exemptions, poor competition, and infrastructure are important offsetting factors.
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TABLE AB.2
Employment growth

(1) (2) (3) (4) (5) (6)

Firm size (omitted: 1–9 employees)

10–19 employees –0.121*** –0.124*** –0.0402 –0.0469

(0.0357) (0.0356) (0.0348) (0.0345)

20–99 employees –0.149*** –0.156*** –0.0707** –0.0861***

(0.0299) (0.0299) (0.0291) (0.0289)

100–499 employees –0.215*** –0.239*** –0.127*** –0.166***

(0.0311) (0.0317) (0.0302) (0.0304)

500+ employees –0.164*** –0.172*** –0.0402 –0.0609*

(0.0335) (0.0339) (0.0326) (0.0327)

Labor productivity quartile (omitted: lowest quartile)

Q2 0.0562** 0.0638*** 0.0692*** 0.0632*** 0.0778*** 0.0844***

(0.0219) (0.0225) (0.0222) (0.0207) (0.0212) (0.0210)

Q3 0.130*** 0.142*** 0.141*** 0.145*** 0.139*** 0.147***

(0.0220) (0.0231) (0.0230) (0.0210) (0.0219) (0.0218)

Q4 0.177*** 0.178*** 0.178*** 0.170*** 0.169*** 0.168***

(0.0244) (0.0250) (0.0247) (0.0234) (0.0237) (0.0235)

Sectors (omitted: Agriculture)

Mining –0.228*** –0.210*** –0.217*** –0.175*** –0.146*** –0.171***

(0.0498) (0.0494) (0.0499) (0.0494) (0.0486) (0.0492)

Food and beverages –0.308*** –0.269*** –0.289*** –0.209*** –0.154*** –0.196***

(0.0515) (0.0511) (0.0519) (0.0507) (0.0499) (0.0507)

Textiles/leather –0.530*** –0.499*** –0.507*** –0.520*** –0.506*** –0.498***

(0.0992) (0.100) (0.0990) (0.0891) (0.0894) (0.0887)

SEZs –0.198*** –0.182*** –0.189*** –0.102** –0.0521 –0.0919**

(0.0448) (0.0412) (0.0446) (0.0447) (0.0411) (0.0442)

Other manufacturing –0.173*** –0.187*** –0.184*** –0.0719 –0.0912** –0.0900**

(0.0461) (0.0467) (0.0463) (0.0460) (0.0461) (0.0458)

Construction –0.141** –0.123** –0.137** –0.129** –0.121** –0.123**

(0.0547) (0.0557) (0.0552) (0.0542) (0.0546) (0.0543)

Wholesale and retail –0.241*** –0.212*** –0.242*** –0.115*** –0.0970** –0.118***

(0.0412) (0.0416) (0.0412) (0.0414) (0.0414) (0.0412)

Transport and communications –0.171*** –0.180*** –0.201*** –0.0482 –0.0583 –0.0838*

(0.0496) (0.0503) (0.0499) (0.0493) (0.0494) (0.0491)
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(1) (2) (3) (4) (5) (6)

Other services –0.159*** –0.143*** –0.156*** –0.0805* –0.0631 –0.0750*

(0.0416) (0.0422) (0.0419) (0.0419) (0.0421) (0.0419)

Skilled jobs (omitted: zero skilled jobs)

Medium 0.0223 –0.0728** 0.0166 0.0971*** 0.0242 0.0809**

(0.0335) (0.0314) (0.0335) (0.0321) (0.0301) (0.0319)

High –0.0545* –0.148*** –0.0774*** 0.0349 –0.0350 0.00275

(0.0290) (0.0274) (0.0292) (0.0280) (0.0265) (0.0280)

Age of the firm (omitted: 1–5 years)

6–9 years –0.00589 0.00782 0.0339 0.0430*

(0.0249) (0.0247) (0.0237) (0.0236)

10–19 years –0.0147 0.0136 0.0552*** 0.0690***

(0.0221) (0.0222) (0.0209) (0.0210)

20+ years 0.0671*** 0.107*** 0.133*** 0.163***

(0.0243) (0.0246) (0.0232) (0.0234)

Constant 0.309*** 0.213*** 0.300*** –0.00165 –0.0853* –0.0325

(0.0486) (0.0482) (0.0503) (0.0484) (0.0476) (0.0499)

Region dummy variables Yes Yes Yes Yes Yes Yes

Weights Avg. 
employment

Avg. 
employment

Avg. 
employment

Lagged 
employment

Lagged 
employment

Lagged 
employment

Observations 1,898 1,898 1,898 1,898 1,898 1,898

R-squared 0.098 0.084 0.112 0.086 0.090 0.112

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on data from DGII and TSS.

TABLE AB.3
Correlates of productivity and wage levels

(1) (2) (3) (4)

ln (sales per 
worker)

ln (sales per 
worker) ln (wage) ln (wage)

Number of employees (omitted: less than 20 employees)

20–99 employees 0.266*** 0.269*** 0.266*** 0.248***

(0.0250) (0.0247) (0.0172) (0.0236)

100+ employees 0.273*** 0.488*** 0.171*** 0.238***

(0.0460) (0.0234) (0.0318) (0.0223)
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(1) (2) (3) (4)

ln (sales per 
worker)

ln (sales per 
worker) ln (wage) ln (wage)

Age of the firm (omitted: 1–5 years)

6–9 years 0.330*** 0.269*** 0.266*** 0.297***

(0.0237) (0.0282) (0.0163) (0.0270)

10–19 years 0.409*** 0.631*** 0.452*** 0.536***

(0.0220) (0.0235) (0.0151) (0.0224)

20+ years 0.467*** 0.736*** 0.622*** 0.666***

(0.0289) (0.0254) (0.0199) (0.0243)

Sectors (omitted: Agriculture)

Mining –0.448*** 0.823*** 0.171** 0.734***

(0.102) (0.0654) (0.0692) (0.0623)

Food and beverages –0.235** –0.436*** –0.158** –0.300***

(0.0956) (0.0542) (0.0653) (0.0520)

Textiles/leather –0.707*** –1.241*** –0.0697 –0.226*

(0.118) (0.139) (0.0812) (0.134)

SEZs –0.0499 –0.737*** 0.0587 –0.621***

(0.0878) (0.0510) (0.0598) (0.0490)

Other manufacturing –0.349*** –0.0950* 0.0196 0.314***

(0.0661) (0.0536) (0.0453) (0.0514)

Construction –0.0741 –0.218*** 0.144*** 0.311***

(0.0641) (0.0578) (0.0437) (0.0555)

Wholesale and retail 0.0890 0.278*** 0.107*** 0.492***

(0.0579) (0.0499) (0.0396) (0.0478)

Transport and communications –0.357*** –0.472*** 0.191*** 0.646***

(0.0653) (0.0577) (0.0447) (0.0554)

Other services –0.700*** –0.632*** 0.196*** 0.500***

(0.0584) (0.0495) (0.0399) (0.0475)

Regions (omitted: Santo Domingo)

Norte –0.510*** –0.340*** –0.416*** –0.568***

(0.0212) (0.0185) (0.0145) (0.0178)

Suroeste –0.360*** 0.177*** –0.399*** –0.557***

(0.0419) (0.0348) (0.0294) (0.0336)

Sureste –0.289*** –0.580*** –0.175*** –0.709***

(0.0343) (0.0248) (0.0237) (0.0237)
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(1) (2) (3) (4)

ln (sales per 
worker)

ln (sales per 
worker) ln (wage) ln (wage)

Constant 6.752*** 6.531*** 4.465*** 4.242***

(0.0632) (0.0572) (0.0433) (0.0549)

Year fixed effects Yes Yes Yes Yes

Labor weights No Yes No Yes

Observations 24,397 24,397 24,816 24,816

R-squared 0.101 0.205 0.113 0.265

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on data from DGII and TSS.

TABLE AB.4
Correlates of average wage growth

(1) (2) (3) (4) (5) (6)

Firm size (omitted: 1–9 employees)

10–19 employees 0.0123 0.0460 –0.000154 0.0305

(0.0473) (0.0466) (0.0479) (0.0470)

20–99 employees 0.0104 0.0653* 0.00276 0.0562

(0.0377) (0.0375) (0.0385) (0.0381)

100–499 employees –0.0279 0.0635 –0.0211 0.0649*

(0.0383) (0.0394) (0.0388) (0.0394)

500+ employees –0.0955** –0.0244 –0.101** –0.0395

(0.0419) (0.0425) (0.0426) (0.0427)

Labor productivity growth 0.512*** 0.471*** 0.469*** 0.511*** 0.459*** 0.456***

(0.0244) (0.0242) (0.0246) (0.0246) (0.0247) (0.0249)

Sectors (omitted: Agriculture)

Mining 0.127* 0.0934 0.148** 0.102 0.0595 0.119*

(0.0657) (0.0632) (0.0652) (0.0675) (0.0647) (0.0667)

Food and beverages 0.181*** 0.127* 0.192*** 0.154** 0.0898 0.162**

(0.0679) (0.0652) (0.0678) (0.0696) (0.0666) (0.0692)

Textiles/leather 0.164 0.170 0.176 0.138 0.150 0.152

(0.129) (0.126) (0.126) (0.120) (0.118) (0.118)

SEZs –0.0136 –0.0810 –0.00781 –0.0368 –0.116** –0.0364

(0.0575) (0.0516) (0.0567) (0.0598) (0.0539) (0.0588)
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(1) (2) (3) (4) (5) (6)

Other manufacturing 0.139** 0.157*** 0.173*** 0.106* 0.120* 0.133**

(0.0605) (0.0598) (0.0600) (0.0628) (0.0618) (0.0620)

Construction –0.00114 –0.00767 –0.00433 –0.00246 –0.0155 –0.0163

(0.0717) (0.0707) (0.0710) (0.0739) (0.0728) (0.0730)

Wholesale and retail 0.119** 0.125** 0.135** 0.0884 0.0824 0.0921*

(0.0542) (0.0534) (0.0536) (0.0567) (0.0558) (0.0558)

Transport and communications 0.211*** 0.232*** 0.255*** 0.177*** 0.186*** 0.211***

(0.0646) (0.0638) (0.0640) (0.0667) (0.0656) (0.0657)

Other services 0.153*** 0.132** 0.145*** 0.120** 0.0867 0.0975*

(0.0545) (0.0538) (0.0539) (0.0572) (0.0564) (0.0563)

Age of the firm (omitted: 1–5 years)

6–9 years –0.170*** –0.184*** –0.186*** –0.202***

(0.0310) (0.0313) (0.0309) (0.0311)

10–19 years –0.177*** –0.184*** –0.196*** –0.203***

(0.0268) (0.0277) (0.0268) (0.0274)

20+ years –0.244*** –0.255*** –0.260*** –0.274***

(0.0299) (0.0313) (0.0301) (0.0312)

Constant –0.0548 0.0918* 0.0426 –0.0173 0.152*** 0.111*

(0.0596) (0.0529) (0.0602) (0.0622) (0.0558) (0.0628)

Region dummy variables Yes Yes Yes Yes Yes Yes

Weights Avg. 
employment

Avg. 
employment

Avg. 
employment

Lagged 
employment

Lagged 
employment

Lagged 
employment

Observations 1,751 1,751 1,751 1,751 1,751 1,751

R-squared 0.249 0.273 0.279 0.250 0.278 0.284

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on data from DGII and TSS.
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TABLE AB.5
Correlates of productivity growth

(1) (2) (3) (4) (5) (6)

Firm size (omitted: 1–9 employees)

10–19 employees 0.0893* 0.120** 0.0375 0.0679

(0.0535) (0.0526) (0.0538) (0.0526)

20–99 employees 0.0846** 0.145*** 0.0243 0.0875**

(0.0424) (0.0422) (0.0430) (0.0424)

100–499 employees 0.162*** 0.272*** 0.0914** 0.201***

(0.0429) (0.0439) (0.0433) (0.0437)

500+ employees 0.160*** 0.257*** 0.0802* 0.175***

(0.0462) (0.0468) (0.0466) (0.0467)

Sectors (omitted: Agriculture)

Mining 0.131* 0.217*** 0.170** 0.0570 0.129* 0.0921

(0.0743) (0.0721) (0.0735) (0.0756) (0.0727) (0.0744)

Food and beverages 0.225*** 0.289*** 0.253*** 0.143* 0.194*** 0.170**

(0.0766) (0.0742) (0.0761) (0.0777) (0.0746) (0.0768)

Textiles/leather 0.571*** 0.567*** 0.577*** 0.655*** 0.664*** 0.656***

(0.147) (0.145) (0.144) (0.135) (0.133) (0.132)

SEZs 0.107* 0.177*** 0.100 0.0260 0.0723 0.0150

(0.0647) (0.0587) (0.0636) (0.0666) (0.0603) (0.0651)

Other manufacturing 0.0338 0.117* 0.0921 –0.0381 0.0410 0.0172

(0.0685) (0.0682) (0.0678) (0.0703) (0.0692) (0.0691)

Construction 0.302*** 0.309*** 0.311*** 0.186** 0.192** 0.186**

(0.0809) (0.0804) (0.0800) (0.0827) (0.0815) (0.0814)

Wholesale and retail 0.140** 0.135** 0.169*** 0.0522 0.0501 0.0736

(0.0613) (0.0609) (0.0606) (0.0635) (0.0625) (0.0623)

Transport and communications 0.131* 0.177** 0.196*** 0.0422 0.0879 0.101

(0.0728) (0.0725) (0.0720) (0.0745) (0.0734) (0.0731)

Other services 0.0635 0.0790 0.0746 –0.00733 –0.000450 –0.00765

(0.0615) (0.0612) (0.0609) (0.0638) (0.0629) (0.0628)

Age of the firm (omitted: 1–5 years)

6–9 years

(0.0354) (0.0354) (0.0346) (0.0347)

10–19 years –0.175*** –0.226*** –0.223*** –0.255***

(0.0302) (0.0309) (0.0294) (0.0300)
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(1) (2) (3) (4) (5) (6)

20+ years –0.224*** –0.288*** –0.273*** –0.316***

(0.0338) (0.0349) (0.0332) (0.0341)

Constant –0.217*** 0.0193 –0.125* –0.0485 0.172*** 0.0735

(0.0672) (0.0605) (0.0680) (0.0695) (0.0624) (0.0701)

N 1,837 1,837 1,837 1,837 1,837 1,837

R-squared 0.036 0.052 0.075 0.030 0.066 0.080

Standard errors in parentheses

*** p<0.01, ** p<0.05, * p<0.1

Source: Own estimates based on data from DGII and TSS.
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4. POLICY IMPLICATIONS

As mentioned in the Executive Summary, most of the analysis in this report was carried out before the COVID‑19 
crisis unfolded. While this crisis will change the policy priorities in the short and medium term, the structural 
issues that affect the Dominican Republic’s labor market and that are discussed in this report will remain relevant 
after the economy recovers. While the Dominican Republic implemented several policies to address the impacts 
of the ongoing crisis, the policy implications discussed in this section refer to the bottlenecks that will continue 
to affect the creation of better jobs in the country. 

Before the ongoing crisis, the Dominican economy was projected to remain among the fastest‑growing economies 
in the Latin American and Caribbean region. The latest IMF Article IV Consultations report (IMF 2019) attributed 
this to a strengthened macroeconomic policy framework, a generally supportive external environment and 
favorable terms of trade. Inflation and unemployment were expected to remain low and the country’s external 
position was broadly in line with fundamentals. 

The Dominican Republic’s demographic transition stage characterized by decelerating population growth and a 
stabilizing dependency ratio is favorable with regard to easing the burden of having to generate new jobs rapidly. 
With a rapidly growing working‑age population, the rapid generation of jobs needed to accommodate that 
population often entails some loss of job quality, as when workers are driven into the informal sector as a last 
resort. Considering the country’s past performance in regard to job creation, however, the target of generating 
enough good‑quality (that is, wage‑based) jobs to accommodate new entrants into the slower‑growing workforce 
is eminently reachable.

Most importantly, however, it is necessary to make sure that future economic growth translates into better job 
outcomes, which provide the foundation for effective poverty reduction. While poverty rates have not been 
unresponsive to growth over the last two decades, the pace of improvement has been slower than in other 
countries that have not benefited from such rapid growth. As noted in the Policy Notes prepared for the Dominican 
Republic (World Bank 2016a), a key challenge facing the Dominican economy is to understand the conundrum 
of rapid growth with limited poverty reduction and to address it through policies that both sustain economic 
growth while making it more inclusive. This Jobs Diagnostic aims to contribute to a better understanding of this 
conundrum and to outline the elements of a jobs strategy that can help address it.

The central aspect of this conundrum from a jobs perspective is the notable divergence between real wages and 
labor productivity that emerged between 2000 and 2016. While productivity growth has been strong over that 
period and represents the main impulse driving the rapid GDP growth, wage growth has been comparatively 
sluggish. (Between 2000 and 2016, labor productivity grew at an annual rate of 2.8 percent, while the median 
wage grew by 0.6 percent.) Equally stagnant has been the creation of formal, wage‑based jobs, which serve 
as a proxy for ‘good’ jobs. The rest of this section provides policy recommendations to increase the quality of 
jobs in the Dominican Republic. The rest of this section provides a prioritization of policies for the short and 
medium/long term.



70

POLICY PRIORITIES FOR THE SHORT TERM: ADDRESSING THE IMPACTS OF COVID-19

Given the pervasive impact of the COVID‑19 crisis on economic activity and jobs, protecting the newly displaced 
workers and facilitating their re‑employment during the recovery should be the priority for labor market policies. 
While the Dominican Republic is already implementing a broad response (see Box 4.1), lessons can be learned 
from other countries using innovative approaches.

The Dominican Republic’s response to the COVID pandemic aimed to protect jobs and firms’ dynamics. However, 
countries where informality is large and where existing institutions often lack mechanisms to effectively reach 
businesses and workers in the informal sector will face a hard recovery phase post‑COVID. They will require to 
develop a medium‑ to long‑term recovery plan to connect the affected population to social protection services 
particularly those of expanded social assistance and labor market policies and programs. Governments are 
resorting to policies aimed to help businesses survive and retain workers and policies to protect those who lose 
their jobs and see their livelihoods significantly affected. The COVID impact for the Dominican Republic’s labor 
market will need to be assessed to understand the number of jobs lost and the shock on the firms’ structure 
after the lockdown. 

The country might consider adapting existing active labor market programs (ALMP) to serve as effective crisis 
response tools for the post‑COVID recovery phase as well as expanding social assistance programs for those 
informal workers whose jobs are lost and were not part of the social safety nets.17 

On one side, following the systematization of how the emergency transfer programs (FASE, Quedate en Casa, 
and Pa’Ti) supported the workers and firms during the first phase of the pandemic, the country could consider 
formal workers unemployment insurance schemes to prepare for the next crisis. In addition, active labor market 
policies can be reoriented to train workers to meet the new needs of the post‑COVID labor demand. Workers 
who are suspended do not have the same skills as those that will be required in a post‑COVID world. Therefore, 
training programs and labor market insertion programs could be used to take advantage of technology in 
those sectors with a promising recovery rate or which are more productive (tourism or SEZs, for example). Also, 
ALMPs can support business continuity, allowing businesses and services to continue operating safely and serve 
the population. For example, supporting small businesses or entrepreneurship ventures to develop e‑commerce 
so they can continue trading and serving customers at a distance; expanding payment systems (mobile and 
online) with low transaction costs for small businesses and connection with financial services (including credit); 
and transforming the regular training courses into online courses for workers delivered by the National Training 
Institute (INFOTEP) could be considered in the medium to long term. 

On the other side, for the informal workers and informal firms who are difficult to reach through the regular 
active labor market programs, the tax incentive schemes or the wage subsidy schemes, other innovative measures 
will be needed. For example, supporting the expansion of formal sector businesses that are linked to informal 
businesses, increasing the access to credit lines for informal businesses through microcredit organizations, and 
expanding social assistance programs such as Progresando con Solidaridad (PROSOLI) to informal workers or 
less‑poor households with informal jobs that might be vulnerable to income shocks in a crisis. 

Finally, the country could consider designing public works programs to provide temporary employment to suspended 
workers in areas where firms are not able to recover quickly, particularly where the private sector network is weak, 
for example in the 14 poorest provinces according to the poverty map. In the absence of unemployment benefit 
schemes or training systems, public works can provide a source of income and job experience for low‑income 
workers. In past crises, they have played an important role in absorbing the unemployed in developing countries 
and made a difference, especially among the vulnerable and the poor.18 Public work programs that are well 
designed with regard to the length of the employment contract and the level of wages can provide adequate 

17 “Managing the Employment Impacts of the COVID‑19 Crisis Policy Options for the Short Term.” World Bank Jobs Group Technical 
Note 2020.
18 Almeida and Galasso 2010; Galasso and Ravallion 2004; Jalan and Ravallion 2003.
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protection to low‑income jobseekers without reducing incentives to work or search for jobs that arise when 
the economy rebounds.19 Given the nature of this pandemic, public works can be developed for new areas, 
including ‘digital’ public works or public ‘remote’ work which can help meet ‘social distancing’ requirements 
and mitigate the health concerns that may linger at later stages of the crisis. ‘Digital’ public works may also help 
reduce the stigmatization of participating workers and can expand the scope of public works well beyond the 
traditional activities of community development, construction, and maintenance of physical infrastructure. Such 
new approaches may be particularly attractive to vulnerable youth and women, who are typically also hardest 
hit by economic crises.

POLICIES FOR THE MEDIUM AND LONG TERM: IMPROVING HUMAN CAPITAL AND 
BUSINESS ENVIRONMENT

Improve human capital accumulation

According to several indicators, the Dominican Republic lags comparator countries in terms of the stock of 
human capital of its labor force and of that of future generations. This holds not only when comparing years 
of schooling but also when looking at performance at standardized tests. Accordingly, Dominican workers do 
not carry out tasks associated with the skills of the future when compared to their peers in countries at similar 
levels of economic development. As countries move up the technology ladder, equipping their citizens with the 
skills to leverage new technologies will be critical.

The Systematic Country Diagnostic of the Dominican Republic (World Bank 2018b) argued that improving 
human capital was one of the priority areas for policy. In particular, the report emphasized the importance of 
expanding early childhood development, improving teacher skills and recruitment, reforming the curriculum, 
and improving school management. 

The World Development Report 2018 on Learning to Realize Education’s Promise (World Bank 2017c) highlights 
that early childhood is an optimal period to acquire foundational cognitive skills because they are a prerequisite 
to developing further cognitive and socioemotional skills during later developmental periods. Accordingly, it 
lists several successful interventions across the world such as Jamaica’s Reach Up and Learn program, which 
promoted early child stimulation, led to lower crime rates, better mental health, and 25 percent higher earnings 
two decades later. 

The importance of improving teachers’ skills and recruitment cannot be overemphasized. Studies of the drivers 
of poor learning in developing countries often point to teachers (World Bank 2017c). Teachers in developing 
countries often lead oversized and multigrade classes. Teacher shortages tend to increase working hours, especially 
if teachers have to supervise extracurricular activities. A lack of infrastructure and equipment, particularly in 
remote and rural areas, also contributes to handicap teachers’ efforts. There are some successful examples from 
other countries in this area. In India, computer‑assisted learning programs allowed teachers to better adapt to 
learners’ ability and helped improve math ability. Accordingly, financial incentives proved effective in countries 
with high absenteeism, such as India and Kenya.

Given the high rates of youth unemployment, it is important to strengthen the links between the private sector 
and the formal education system so that the supply of skills reflects those that firms need (see Box 4.1). This 
could be done by improving technical and vocational programs and expanding on‑the‑job training opportunities. 
Several alternatives exist for engaging employers in training programs. For example, public‑private partnerships 
with multinational corporations, effective national workforce development initiatives, and on‑the‑job training using 
training funds and tax incentives (World Bank 2017c). Apprenticeships can also serve as the steppingstone for 
young people into a permanent job. For example, a large formal program in Brazil (Lei do Aprendiz) increased the 
likelihood of finding permanent and higher‑paying jobs, particularly for less educated workers (World Bank 2017c).

19 Gehrke and Hartwig 2018; Nair et al. 2018; Subbarao et al. 2012.
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To protect human capital accumulation from negative shocks, improving social protection systems is essential. 
The World Development Report 2019 (World Bank 2018a) has stated that the absence of social protection for 
workers continues to be the most pressing concern for emerging economies. Moreover, it highlights that tradi‑
tional social protection models that are based on steady wage employment, clear definitions of employers and 
employees, and a fixed retirement age are becoming obsolete. This is particularly true in developing countries, 
where informality is the norm. The report also calls for spending on social assistance as a complement to social 
insurance that does not fully depend on having a formal wage job. In fact, a recent World Bank Policy report 
for the Dominican Republic emphasizes the importance of ensuring access to social protection services to all the 
extreme poor; developing policies to link the contributory and noncontributory pillars as well as interventions 
in the labor market; reinforcing inter‑sectoral coordination and preventing leakages and duplication or roles, 
among other priorities (World Bank 2016a). 

Given the evolving scenario of poverty and vulnerability as a result of the pandemic, social interventions are 
facing the challenge of adapting to the new social requirements, while continuing to provide key basic services 
to protect consumption and promote human capital of the poorest. In a country where almost half of the 
population is considered vulnerable, the supply of social protection services should be developed to provide 
increased mitigation strategies for households not to fall back into poverty and improve their living conditions 
on a sustainable basis. Improving professional training and promoting productive entrepreneurship, cooperatives 
and access to financial opportunities is essential to transform human capital endowments into income‑generation 
capabilities. Moreover, in a context of higher frequency and intensity of shocks, whether in the form of natural 
disasters or economic crises, interventions must become more responsive and improve delivery at post‑disaster 
stages. In this context, public employment programs and public‑private partnerships (including nongovernmental 
organizations) can contribute to create jobs in activities that raise habitat quality, environmental sustainability, 
and the resilience of communities and individuals to climate and other shocks.

BOX 4.1. ACTIVE LABOR MARKET PROGRAMS IN THE DOMINICAN REPUBLIC

Active Labor Market Programs (ALMPs) and policies become important instruments to increase the employ‑
ability in Dominican Republic, both in terms of solving the structural challenges of the labor market as 
well as responding with a strong post‑COVID economic‑reactivation plan. In both cases, labor market 
skills will have to be adapted to the new requirements of the labor market according to the needs that 
technological change and economic recovery will demand under the new normal. Public spending in 
ALMP is small (around 6 percent of Social Protection Spending) and concentrated around training of the 
labor force (77 percent) and entrepreneurship programs (15 percent). Total Social Protection Spending 
represented around 7.3 percent of GDP in 2018. 

In the last five years, ALMPs have been focused on the economic inclusion of small and medium enter‑
prises (SME), particularly supported by the Ministry of Industry and Commerce (MIC), providing access 
to training, access to finance, and technical assistance to entrepreneurs. Training courses are provided 
by the National Technical and National Training Institute (INFOTEP). Although recent market studies have 
derived in the revision of the curricula of some courses, there is still room to align the courses to the 
market needs and for the coverage expansion of these services for the most vulnerable, as they have 
not been adapted for low human capital individuals. Likewise, the Social Cabinet has developed an 
Economic Inclusion Component of the Conditional Cash Transfer Program PROSOLI that aims to provide 
technical and entrepreneurship training services to PROSOLI youth followed by an apprenticeship linked 
to private sector opportunities to increase the labor market inclusion of vulnerable youth. Links of social 
assistance and productive inclusion programs should be enforced; these might include the articulation 
of programs executed by the Social Cabinet, the MIC and the Ministry of Labor, as well as articulating 
the training supply of INFOTEP.
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Improving human capital will also require addressing gender imbalances. Teenage pregnancy rates are stubbornly 
high in the Dominican Republic and can have negative and long‑lasting consequences in the human capital 
and incomes of women. Azevedo et al. (2012) provide a policy framework for addressing the issue of teenage 
pregnancy in Latin America. At the macro level, the evidence shows that the reduction of inequality and the 
creation of more opportunities for women can contribute to reduce teenage pregnancy and to reduce the impacts 
of early childbearing. At the more micro level, policies to widen the set of options for women and enhancing 
agency so that fertility decisions consider life plans and are not an unintended result.

Accordingly, gender‑biased social norms are associated with women working more hours than men when including 
unpaid work at home, a gap higher than in other Latin American countries. Addressing gender stereotypes early 
in life can help to change social norms. For example, Muller and Casabonne (2020) argue that changes to school 
curricula can promote positive messages about equality between women and men. Accordingly, programs to 
foster female entrepreneurship or to promote female employment in non‑traditional sectors may help advance 
women’s economic empowerment. 

Improve the business environment

The analysis of the labor demand side suggested that the jobs landscape in the Dominican Republic is dominated 
by large and old firms, with limited role for new entrants. Entry rates are among the lowest in the world. However, 
it is younger and larger firms who experience higher productivity growth, a key ingredient to increase wages 
and thereby the quality of jobs. 

It is important to strengthen the incentives to start a formal business by reducing the costs and procedures involved 
with registering a new business. According to the Doing Business database, the number of procedures and days 
to register a new business is 42 and 80 percent higher, respectively, than those of OECD high‑income economies. 
Accordingly, the associated cost, as a share of income per capita, is almost five times higher in the Dominican 
Republic. There are positive experiences from other countries in the region, such as Mexico, regarding the imple‑
mentation of reforms to improve the efficiency of opening and expanding businesses. Mexico’s Federal Commission 
for Improving Regulation (COFEMER) introduced a reform in 2002 that reduced the number of days required to 
register a business from 30.1 to 1.4. The reform also created one‑stop‑shops (OSSs) in Mexico’s most populous 
cities to implement the accelerated registration system. The reform increased the number of registered businesses 
by 5 percent (Bruhn 2011). This type of reforms had mixed success in other countries such as Peru (Mullainathan 
and Schnabl 2010), and they may not be as successful in less populous and more rural areas (Bruhn and McKenzie 
2014), because the latter may need a different type of intervention given their different capabilities and goals. 
Despite these moderate effects on firm creation, simplifying and reducing the costs of the processes to open and 
expand a business represents a reduction in operating costs for firms with incentives to become and stay formal. 

Improving the links between the exporting sector and domestic firms is essential to create more and better jobs in 
the Dominican Republic. World Bank (2016) provides several recommendations to achieve this goal. For example, 
by creating a database of suppliers, matchmaking events, local clusters around the industrial parks, among others. 
Accordingly, reducing the regulatory divide between firms in SEZs and outside SEZs, as well as across sectors (for 
example, by simplifying the minimum wage structure) will be key aspects of leveling the playing field across all firms. 

There are strong perceptions of market dominance and uneven playing field as important issues affecting the 
business environment. Implementing the Dominican Republic’s pro‑competition law and reducing arbitrary tax 
exemptions will be crucial to weaken distortions (World Bank 2018b). Empirical evidence for the Dominican 
Republic shows that increased competition in the retail sector was associated with lower prices (from 2 to 6 
percent) and improved quality of service (Busso and Galiani 2019). 

Improving the quality of public services such as electricity could help small and younger firms—who are more 
likely to be credit‑constrained—disproportionately. To achieve this goal, it will be crucial to improve the institu‑
tional framework, transparency, and accountability, as well as restore the efficiency and financial sustainability 
of the sector (World Bank 2016b).
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ANNEX C

THE WAGE-PRODUCTIVITY GAP IN THE DOMINICAN REPUBLIC:  
IS IT FOR REAL OR JUST FANTASY?

The divergence between labor compensation and labor productivity observed in the Dominican Republic since 
around 2000 has also been observed in other countries at various periods of time. Most notably, this divergence 
has been observed in the United States since the late 1970s and has prompted concerns about a possible mal‑
functioning of the economy and consequent breakdown of the link between wage growth and labor produc‑
tivity growth that is familiar from standard neoclassical economic analyses. A number of potential reasons and 
conjectures, listed in Chapter 1, have been advanced to explain this divergence.

More recently, a number of analysts (for example, Brill et al. 2017; Lawrence 2015) have argued that the size of the 
wage‑productivity gap in the United States has been greatly exaggerated through the mismeasurement of real wages 
and labor productivity, and that when these variables are appropriately measured, much of the wage‑productivity 
gap disappears. Lawrence (2015) draws attention to the following four variable specifications commonly used to 
measure real wages and labor productivity that result in measurement bias: (a) measuring wages over a limited 
subset of employees, (b) excluding non‑wage benefits from the definition of labor compensation, (c) using gross 
versus net output figures, and (d) using inappropriate price deflators to measure real wage and productivity changes. 

Mismeasurement of hourly wages. When measuring average hourly wages, many studies have focused on 
a subset of workers (for example, production or non‑supervisory workers), rather than including all workers. 
This is likely to exclude the more skilled and education workers, who generally command higher salaries and 
whose relative incomes have risen the most since the 1970s. The omission of workers with the faster‑growing 
incomes biases the measurement of labor compensation growth in a downward direction. A similar problem 
occurs when relying on survey‑based employment and remuneration data, as these tend to underrepresent the 
highest‑earning households, which leads to an underestimation of wage growth during periods of increasing 
wage dispersion and, hence, to an overestimation of the wage‑productivity gap.

Exclusion of non‑wage benefits. Estimates of labor earnings often do not include non‑wage employment 
benefits received by workers (for example, health care and disability insurance, pension contributions). However, 
these benefits represent part of the total labor cost that influence employers’ output and employment decisions. 
To the extent that non‑wage benefits are growing faster than wages, the growth rate of labor remuneration is 
underestimated, resulting in an overestimate of the wage‑productivity gap.

Gross versus Net Value‑Added. Most measures of productivity tend to measure total output on a gross basis, 
instead of using net value‑added figures, the difference being the amount of capital stock depreciation taking place 
each year. It is arguably the case that the rate of capital depreciation has increased in the United States over the 
last few decades, both on account of an acceleration of technical advances (especially in information technology 
and artificial intelligence [AI]) that render existing capital obsolete more rapidly, as well as more generous capital 
depreciation allowances. To the extent that the rate of capital depreciation may have increased over time, the gross 
output/income figures would be overestimating output and productivity growth, as well as the wage‑productivity gap.

CPI versus PPI or GDP deflator. When making their profit‑maximizing employment decisions, the most relevant 
price indexes for producers are the Producer Price Index (PPI) or the GDP deflator, as they link the labor costs 
facing producers with the price of the goods produced by domestic labor. The Consumer Price Index (CPI) is more 
appropriate for seeking to evaluate labor’s purchasing power but it is inappropriate for comparing labor costs 
with labor productivity since the mix of goods produced by workers is very different from the mix of goods and 
services consumed by those workers. Nevertheless, many studies rely on the CPI because it is more readily available. 
Using the CPI to deflate GDP or production data leads to an overestimation of the wage‑productivity gap when 
consumer prices are growing faster than producer prices, as has been the case in the United States in recent years.
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Lawrence (2015) found that when the data series for the United States are adjusted to take these four sources of 
measurement bias into account, the growth in hourly real compensation matched the growth in hourly real net 
output per worker during the period from 1970 to 2000. That is, over this period, the growing wage‑productivity 
gap disappears.20 While these adjustments appear to have solved the puzzle of the growing wage‑productivity 
gap in the United States over this period, they raise a whole new set of puzzles: in particular (a) what has 
been driving the increase in relative prices of goods and services consumed by workers, especially housing and 
education; (b) what is driving the rising costs of benefits, especially health care; and (c) why is productivity 
growth in the services sector so much slower than in the goods sectors? 

The main question motivating this annex is whether the wage‑productivity gap observed in the Dominican 
Republic is also as sensitive to alternative measures of labor productivity and real hourly wages as the United 
States data. If the gap were to disappear under similar adjustments, then it would be necessary to revise the 
analytical agenda to focus less on market failure explanations and redirect attention to the other issues raised 
by Lawrence (2015). As shown next, the wage‑productivity gap calculated for the Dominican Republic appears 
to be more robust than what had originally been calculated for the United States. From that we conclude that 
the stagnation of labor compensation in the Dominican Republic is a real matter of concern, not the product 
of mismeasurement, and that it needs to be addressed both from a productivity and distributive perspective.

MAIN FINDINGS

The evolution of real hourly wages and average labor productivity presented in Figure AC.1 was calculated on 
the basis of the following variable specifications: the series for average nominal wages was obtained from the 
annual labor force survey and it excludes non‑wage benefits. Nominal wages were deflated by the CPI to obtain 
real wage rates. Average labor productivity was derived by dividing total GDP (in constant 2010 US$) by the 
total employed population of working age (15–64 years). Using these original variable specifications, the total 
size of the wage‑productivity gap comes out to 49 percent of the real hourly wage in 2016. In other words, 
had real wages not drifted apart from labor productivity during the last two decades, they would be almost 50 
percent higher today than they are. 

20 Lawrence (2015) does find, however, that the wage‑productivity gap has increased in the United States since the early‑2000s, driven 
by forces that cannot be attributed to any of the mis‑measurement reasons discussed above, which warrants further explanation.

FIGURE AC.1
Dominican Republic, Wage‑Productivity Gap (original variable specification)
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As was noted by Lawrence (2015), some of these variable specifications have exaggerated the size of the 
wage‑productivity gap calculated for the United States and they may have here as well. To remove the possible 
bias, the gap was recalculated under the following adjustments:

• Average labor productivity was calculated by using the total employed population ages 15 or more years in 
the denominator, instead of limiting this variable to employed persons in the 15 to 64 age range. 

• Average labor productivity was recalculated using a proxy measure for Net Domestic Product (NDP).21 

• The measure of total labor remuneration was revised to include the estimated non‑wage benefits.

• The hourly wage series was deflated by the GDP deflator and the PPI, instead of the CPI.

The main outcome of these adjustments is presented next.

Employment (ages 15–64) versus Employment (ages 15+). It turns out that this adjustment has absolutely 
no effect on the previously estimated wage‑productivity gap. The inclusion of employed workers ages 65 and 
older does not alter the evolution of the employment index, which basically means that over the time period 
2000–2017, the demographic evolution of the older workers is not appreciably different from that of the 
working‑age employees.22 So, substituting one series for the other had no impact on the wage‑employment gap.

GDP versus NDP. Figure AC.2 shows the evolution of average labor productivity using both GDP and NDP. Until 
about 2011, both productivity measures follow the same trajectory, and then drift increasingly apart, indicating a 
faster rate of capital depreciation. In this regard, the Dominican economy is reflecting a similar pattern observed 
in the United States. The total impact of this adjustment is to reduce the total wage‑productivity gap by 5.7 
percent of the hourly wage rate. 

21 This was done by comparing the gross national income (GNI) and net national income figures from the World Bank WDI to calculate 
the amount of capital stock depreciation as a share of GNI. That same share was then subtracted from the GDP figures used to calculate 
labor productivity.
22 This finding is based on data from the WDI for data on employed workers ages 15+, and the ILO Stat for data on employed workers 
ages 15–64 years.

FIGURE AC.2
Dominican Republic, Evolution of GDP versus NDP
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Wages versus total labor remuneration. Baez (2017) reports that between 2003 and 2007, the Dominican 
Republic implemented a number of labor market policies that introduced old‑age, disability and health insurance, 
work injury compensation, medical benefits, and other mandatory contributions. These policies cover all formal 
public‑ and private‑sector workers and employers. Even though the total non‑wage social security costs vary 
considerably from firm to firm depending on differences in labor risks, medical leave, and worker turnover rates, 
the standard mandatory contributions (pensions, health, and payment bonuses) are currently estimated to amount, 
on average, to about 31 percent of the nominal wage. Of this total benefit amount, the employer is responsible 
for 25, or the 31 percentage points, while the employee is responsible for the remaining 6 percentage points.23 
Only about half of total non‑agricultural employment is in the formal sector, however, which means that the total 
non‑wage labor cost bill at best amounts to about 12.5 percent of the hourly wage rate in the non‑agricultural 
sector, provided everyone in the formal sector is complying. Assuming the share of informal employment is 
similar in the agriculture sector,24 we simulate the evolution of non‑wage employment benefits as an annual 
increase of 2.5 percent in the wage rate for 5 years over the period from 2003 to 2007. This adjustment has a 
large impact on the wage‑productivity gap, reducing it by 12.5 percent of the real hourly wage. 

The two outside lines in Figure AC.3 depict the evolution of the wage‑productivity gap under the original specifi‑
cation, while the two inside lines depict a somewhat narrower gap that reflects the revised variable specifications 
associated with the use of net production figures and the inclusion of non‑wage employment benefits. While 
the total gap is noticeably smaller, it remains significant.

CPI versus GDP‑deflator and PPI. As noted earlier, replacing the CPI with the GDP deflator or PPI in the 
calculation of real wages provides a more appropriate measure of the real wage index relevant to employers. 
Figure AC.4 shows that the CPI and GDP deflator had been moving in tandem from 2000 to about 2010, before 
both indexes begin to diverge. An interesting observation to be made here is that, contrary to the trend in the 
United States data discussed previously, the CPI has been growing more slowly than both the GDP deflator and 

23 See Baez (2017). The standard mandatory contribution comprises contributions to pensions (7.12 percent employer; 2.88 percent 
employee), medical benefits (7 percent employer; 3 percent employee), worker’s compensation for injuries (1.2 percent employer), 
payment bonus (10 percent contingent payment, employer), cross‑subsidies (0.4 percent employer), and contribution to the national 
institute of technical training (INFOTEP: 1 percent employer).
24 The degree of informality in the agricultural sector is estimated to be higher than in the non‑agricultural sector, so this assumption 
tends to underestimate size of the wage‑productivity gap. The same applies to the assumption that everyone in the formal sector 
complies with the payment of non‑wage benefits.

FIGURE AC.3
Dominican Republic, Wage‑Productivity Gap (revised variable specification)
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FIGURE AC.4
Dominican Republic, evolution of CPI, PPI, and GDP deflator
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TABLE AC.1
Summary impact of various measurement adjustments on the wage‑employment gap in the 
Dominican Republic

(as % of real hourly wage rate)

Initial gap in 2016 49.0

Adjustments:

Employment (15+ versus 15–64) 0.0

GDP deflator versus CPI +6.2

NDP versus GDP −5.7

Non-wage benefits −12.5

Total adjustments −11.9

Remaining gap 37.1

Source: World Bank staff calculations.

the PPI. This means that replacing the CPI with either of the other two measures will yield lower values of the 
real wage rate and, hence, will expand the wage‑productivity gap. Specifically, replacing the CPI with the GDP 
deflator raises the size of the wage‑productivity gap by 6.2 percent of the hourly wage rate in 2016. The PPI also 
increased at a faster pace than the CPI in the period since 2013, but slower than the GDP deflator. Replacing the 
CPI with the PPI, therefore, would have a similar impact on the size of the gap, but would be less pronounced.

Table AC.1 summarizes the impact of the various changes in variable specifications on the wage‑productivity 
gap. It indicates that the size of the total gap, which amounted to 49.0 percent before adjustments—falls by 
almost 12 percentage points, to 37.1 percent of the hourly wage rate. Unlike Lawrence’s (2015) findings for 
the United States, the gap does not disappear in the Dominican Republic. Rather, it remains significant and 
warrants further analysis.
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